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Abstract 

This research explored facilitators and barriers to the integration of AI in Social Studies education in the context of higher 

educational institutions (HEIs). Anchored on the Technology Acceptance Model (TAM) and directed by three research questions, 

the study assessed lecturers and students AI perceptions and AI competencies, and various facilitators and challenges to AI 

integration in Social Studies education in order to inform policy and best practices. Employing a systematic review approach, 

the study reviewed 10 research papers published in peer-reviewed journals. The results show that the integration of AI in Social 

Studies education has potential, but the level of preparedness is uneven. Although lecturers and students appreciate the 

transformative potential of AI for personalized instruction, increased engagement, and innovative teaching, the potential benefits 

are offset by the challenges of maintaining academic integrity, ethical concerns, biases, over-dependence on AI, and the loss of 

problem solving and critical thinking skills. Digital literacy deficits, poor university governance, inadequate training, and a lack 

of AI policies were identified as main barriers to the effective use of AI in universities. The evidence also points to a lack of 

educational equity, particularly in the Global South. The study suggests developing AI policy frameworks according to each 

discipline, strengthening AI literacy through continuous professional development programmes, establishing institutional 

policies on AI utilization, investing in digital infrastructure, integrating the teaching and learning with AI into curriculum and 

assessment, and incorporating ethical use of AI into curriculum and assessment practices in universities. 
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1. Introduction 

The rapid expansion of AI is gradually transforming teach-

ing, research, learning, administration, and assessment prac-

tices in most universities globally. The introduction of AI into 

education has marked a new era that signal technology revo-

lution in higher education. The AI-supported chatbots for in-

stance, can quickly respond to students’ questions, give detail 

explanation to concepts, provide additional resources, offer 

individualized instruction, support students with their assign-

ments, and help learners to prepare for examination [21]. 

Moreover, AI platforms such as Grammarly, ChatGPT, Quil-

bot, and copilot are now frequently employed lecturers and 

students for personalized instruction, problem-solving activi-

ties, creative related tasks, language editing, text paraphrasing, 

and immediate feedback to queries. In universities with large 

lecturer-to-student ratios (large class sizes), chatbots can 

mimic direct communication with teachers by giving out ques-

tions and immediate feedback. AI also have the capacity to 

enhance university students research and writing skills. Gen-

erative AI is now frequently been used to support students to 

research and write like professionals without any hindrance. 

GenAI platforms can perform functions such as, reframing 

sentences, checking grammar, polishing drafts, and providing 

immediate feedback [14]. In research settings, GenAI plat-

forms are now employed by researchers to support frame re-

search topics, design research objectives and research ques-

tions, formulate research hypotheses, review literature, gener-

ate new ideas, and facilitates the design of research projects 

concepts [9]. AI platforms are also used by some researchers 

to calculate sample size, propose statistical tools for data col-

lection and analysis, data transcription and interpretation of 

research findings. 

In Social Studies, AI and especially generative AI, can en-

hance inquiry and problem-based learning, critical thinking, 

and knowledge construction in a digital learning environment 

[50]. AI algorithms can interpret students learning patterns, 

and give personalized recommendations and adaptive learning 

experiences. AI can also analyze large amount of data to iden-

tify correlation, patterns and trends relevant to Social Studies 

curriculum content. AI technology platforms like virtual real-

ity (VR) and augmented reality (AR) can take students to real-

world contexts where they can learn Social Studies concepts 

in situ. VR can be used to organize virtual excursions with the 

potential to reduce time, risk and resources associated with 

real excursions. 

Despite these potentials, the use of AI in Social Studies ed-

ucation is uneven across most universities due to inadequate 

access to digital resources, limited IT readiness, and adminis-

trative support. More importantly, several empirical studies 

have demonstrated that, in educational settings, the perception 

of users is a key factor in determining the use of AI. University 

academic staff and students have mixed perception of AI, 

ranging from enthusiasm on how AI can improve productivity, 

to concerns of repercussions on academic honesty, discrimi-

nation, or a decline in problem-solving abilities [15, 27]. 

There is a perception gap that is influenced by discipline, pre-

vious use of technology, and institutional readiness which of-

fer a strong justification for a designed study to explain how 

practitioners of Social Studies view AI as a tool for teaching, 

research, administration, and assessment. From a socio-cogni-

tive perspective, consolidating existing evidence on these per-

ceptions would likely illuminate the socio-cognitive mecha-

nisms involved in the use of AI in higher education. 

Social Studies education, on the whole, has not yet fully 

benefitted from factors internal to AI-integration such as the 

limited students and lecturers’ digital competencies, the multi-

layered complexity of integrating AI at the lecturer and stu-

dent levels, and the considerable changes which the education 

system has had to cope with following the advent of AI. Out-

side of attitudinal disposition, successful AI integration into 

teaching and learning, students must also have a range of com-

petencies that modern frameworks describe as including cog-

nitive, operational, pedagogical, and ethical [29, 35]. However, 

evidence from empirical research into the distribution and 

depth of these competencies within Social Studies education 

remain fragmented. Moreover, limited attention has been paid 

to how these competencies intersect with the development of 

the 21st century skills. Addressing these gaps is imperative for 

advancing a wholistic understanding of AI literacy within dis-

ciplinary specific teaching and learning contexts. Additionally, 

AI integration in Social Studies education is shaped by a con-

stellation of enabling and constraining factors operating 

across individual, institutional, and systemic level. Enablers 

such as robust digital infrastructure, institutional policy sup-

port, and targeted professional development programmes have 

demonstrated as effective facilitators of meaningful AI inte-

gration, whereas barriers including digital divides, limited 

technical expertise, resistance to pedagogical change, and eth-

ical concerns continue to impede its widespread implementa-

tion [11, 25]. 

1.1. Problem Statement 

The rapid development of AI in HEIs has brought many 

changes regarding how research, teaching, learning, admin-

istration, and engagement of students occur in lecture halls, 

and how students acquire 21st century skills. Recent studies 

have demonstrated that AI technology, and especially Gener-

ative AI, has the potential to personalize learning and teaching, 

and boost students' performance and engagement in different 

learning contexts [13, 21]. Notwithstanding these prospects, 

the integration of AI into Social Studies education remains un-

even, complex and fraught with multidimensional challenges, 

particularly within discipline specific context such as Social 

Studies, where interpretive reasoning, ethical reflection, and 

contextual analysis are central to the curriculum. 
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Emerging empirical evidence posits that the effective AI 

adoption is impeded by a constellation of structural, pedagog-

ical and socio-cultural barriers. These include insufficient dig-

ital infrastructure, limited digital literacy among some lectur-

ers and students, high implementation cost, and inadequate in-

stitutional support frameworks [26]. Furthermore, resistance 

from academics often rooted in concerns about academic in-

tegrity, epistemic authority, and the erosion of critical thinking 

continues to limit AI adoption [21]. In parallel, students use of 

AI introduces tensions related to overreliance, superficial 

learning, and ethical ambiguity, thereby complicating its ped-

agogical value [13]. 

Within African higher education setting, these challenges 

are further exacerbated by systemic inequalities, policy inco-

herence, and limited institutional readiness for pedagogical 

and digital transformation [18]. While some studies have ex-

amined AI adoption in STEM and technical disciplines, there 

remains a paucity of comprehensive, discipline-specific syn-

thesis focusing on Social Studies, where pedagogical goals ex-

tend beyond technical proficiency to include civic competence, 

critical consciousness, environmental sustainability, and so-

cio-political awareness. Moreover, Social Studies education is 

currently challenged by rigid curriculum, large class sizes, in-

ability of the curriculum to meet the diverse needs of learners, 

use of outdated teacher-centered instructional methods which 

facilitate rote memorization and stifle critical thinking and 

problem-solving skills in students. 

Additionally, existing literature focusses on either student 

or lecturer perspectives in isolation, thereby ignoring the dy-

namic interplay of experiences that shape AI integration in au-

thentic classroom settings. AI adoption is not mainly con-

strained by barriers; it is also facilitated by enabling factors 

such as institutional policy support, professional development 

opportunities, pedagogical innovation and positive user per-

ception [28, 42]. However, these enablers are inconsistently 

documented and insufficiently theorized, especially in relation 

to how they intersect with contextual constraints in developing 

educational systems. Consequently, there exist a critical gap 

in the literature for a systematic, integrative review that syn-

thesizes both barriers and facilitators of AI integration in So-

cial Studies education, drawing on the lived experiences of 

university lecturers and Social Studies students. Addressing 

this gap is critical to inform evidence-based policy, guide ped-

agogical practices, and advance theoretical understanding of 

AI adoption in context-specific learning environments. With-

out such a synthesis, efforts to mainstream AI in Social Stud-

ies risk remaining fragmented, inequitable, and pedagogically 

misaligned. 

1.2 Research Questions 

The following questions provide framework for the study. 

1) What evidence exist concerning university students and 

academic staff perception about AI use as a tool for re-

search, teaching and learning, administration, and as-

sessment of learning in Social Studies? 

2) What is the level of university students and lecturers AI 

cognitive competencies, AI operational competences, AI 

pedagogical competences, and competencies about ethi-

cal and responsible use of AI and how are these compe-

tences measured? 

3) What factors serves as enablers and barriers to the integra-

tion of AI into research, teaching and learning, administra-

tion, and assessment of learning in Social Studies? 

2. Literature Review 

This review is grounded in Technology Acceptance Model 

(TAM) propounded by [16]. TAM theorize that user ac-

ceptance of new technology is influenced by perceived useful-

ness and perceived ease of use. Perceived usefulness is de-

fined as the degree to which a user believes that employing a 

particular technology (in this case AI) would improve job per-

formance. On the other hand, perceived ease of use is defined 

as the degree to which a person believes using a particular 

technology (in this context AI) will be free of efforts [16]. Fig-

ure 1 depicts concept map of Technology Acceptance Model 

(TAM) adopted by the study. 

 
Figure 1. Technology Acceptance Model (TAM) Adopted from Davis (1989) for HEI Context. 
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The theory suggests that when an individual is presented 

with new technology (in this case AI), a number of factors 

come to play. Among the factors, perceived usefulness and 

perceived ease of use determine how and when the individual 

will use the technology (in this context AI). (TAM does not 

consider factors such as economic, suppliers, customers as 

well as competitors [32]. 

 

 

3. Methodology 

3.1. Research Design 

The study employed a Systematic Literature Review (SLR) 

design, guided by the Preferred Reporting Items for System-

atic Review and Meta-Analysis (PRISMA) framework. Sys-

tematic reviews are suitable for synthesizing empirical evi-

dence, identifying research gaps, and generating insights in 

fast evolving issues such AI adoption in HEIs [24, 38]. Figure 

2 presents diagrammatical illustration on the PRISMA model 

used by the study. 

 
Figure 2. PRISMA Flow Diagram for Study Selection (adapted from Page et al., 2021). 

3.2. Search Strings/Strategies 

Boolean search operators were adopted in this systematic 

review. Example search query; (“Artificial intelligence” OR 

“Generative AI” OR “Machine Learning”) AND (“Higher Ed-

ucation” OR “University” OR “Higher Educational Institu-

tions”) AND (“Social Studies lecturers and students” OR Uni-

versity lecturers and students”) AND (“Lecturers and students 

AI competences” OR “University lecturers and Social Studies 

students AI literacy” OR “University lecturers digital compe-

tencies”) AND (“How digital competences are operational-

ized and measured” OR “How digital literacy is measured” 

OR “How digital skills are assessed”) AND (“University stu-

dents and lecturers’ perception of AI use in Social Studies ed-

ucation” OR “Lecturers and students perception of AI” OR 

“Students and lecturers attitude towards AI use”) AND (“En-

ablers of AI integration in Social Studies education” OR “Fa-

cilitators of AI utilization” OR “Promoters of AI uptake by 

universities” OR “Factors that promote AI integration in Uni-

versities”) AND (“Challenges impeding AI integration in So-

cial Studies education in universities” OR “Barriers to AI 

adoption in Social Studies education in universities” OR “Fac-

tors impeding the adoption of AI by universities). 

3.3. Criteria for Inclusion and Exclusion 

3.3.1. Criteria for Inclusion 

Research papers were added to the review if they were peer-

reviewed journal articles, published between 2020 to 2026, in-

dexed in Scopus or Web of Science, focuses on AI integration, 

perception of lecturers and students towards AI as a tool for 
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Social Studies education, AI competencies among Social 

Studies lecturers and students, how lecturers and students AI 

competences are measured, and Enablers and barriers to AI 

integration in Social Studies education settings. 

3.3.2. Criteria for Exclusion 

Research articles were excluded from the systematic review 

if they were published earlier than 2020, constituted confer-

ence abstracts, commentaries, editorial materials, book re-

views and book chapters, or opinion-based publications. Fur-

thermore, we excluded articles that focused primarily on the 

technical architecture of AI platforms without any mention of 

educational applications. In addition, all empirical studies 

concerning the field of primary or secondary education were 

excluded. Moreover, to keep the quality of the work within an 

acceptable bound, we excluded publications that are not ar-

chived in reputable academic databases. Finally, all research 

articles published in different languages other than English 

language were also excluded to avoid misinterpretation of the 

findings and conclusions. 

3.3.3. Data Extraction and Analysis 

A well-designed data analysis matrix used in this review 

captured research title, name(s) of author(s), type of study, key 

findings and conclusions drawn by the study. The matrix was 

used to appropriately extract such data from each of the se-

lected journals and entered into Table 1 for further synthesis. 

3.4. Data Quality Checks 

Selected research articles were evaluated using Mixed 

Methods Appraisal Tool (MMAT), risk of bias indicators, 

clarity of methodology, and validity and reliability of the find-

ings. 

3.5. Characteristics of Included Journal 

Articles 

The 10 included research articles differed by design ranges 

from AI adoption in higher education [2, 40], AI adoption in 

Social Studies education [7, 23, 49], lecturers and students’ 

perception of AI [37], university students AI competencies 

[31], measurement of AI competencies [41], and enablers and 

barriers to AI adoption [8, 10]. Table 1 presents summary of 

the matrix used to extract the data from the 10 research articles 

reviewed in this study. 

Table 1. Summary of Articles Findings. 

Research Title Author(s) Type of Study Key findings Conclusions 

Integrating AI in 

higher education: 

Perception, 

challenges and 

strategies for 

academic 

innovation. 

Schmidt et 

al., (2025) 

Exploratory 

mixed methods 

While lecturers and students 

recognize AI pedagogical 

transformative potential, they were 

concerns about its impact on critical 

thinking and academic integrity, and 

some students has misconceptions 

of AI. Lecturers and students has 

differing attitudes, perception, 

concerns and AI competences. 

Students employ AI for academic task 

but struggle with reliability and ethical 

issues. It was advocated for increase 

awareness, CPD programmes, and the 

need for ethical guidelines to overcome 

the barriers to AI integration. 

AI in higher educa-

tion, opportunities 

and challenges: A 

review 

AlBlooshi 

(2026). 

An exploratory 

systematic re-

view 

AI platforms such as intelligent tu-

toring systems, and GenAI creates 

opportunities for individualized in-

struction thereby increasing stu-

dents’ motivation and learning. 

However, concerns have been raised 

about use of fake narratives into 

generative AI tools, biases, privacy 

concerns, and the impact of AI on 

environment. 

Lecturers capacity building on ethical use 

of AI, postgraduate training should de-

velop a clearly defined AI use policy to 

align the university vision, encourage ro-

bust AI-resistant structures for the secure 

continuation of modern examinations, 

and ongoing investments in AI literacy 

projects for both lecturers and students, 

AI and Social Stud-

ies education in Ni-

geria: A pathway to 

enhancing critical 

thinking in Nigeria 

Bakare 

(2024) 

Systematic re-

view 

AI has a transformative impact on 

Social Studies education, offering 

personalized learning, improve in-

structional pedagogies, and expand 

access to educational resources. 

However, AI integration in Social 

Studies education is impeded by AI 

bias, digital divide, privacy issues, 

AI has potential to transform Social Stud-

ies education. However, to tap into these 

gains, institutions must put in place strat-

egies to address the challenges that im-

pede the digital innovation of AI in So-

cial Studies education. 
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Research Title Author(s) Type of Study Key findings Conclusions 

and cost related issues. 

CIVIC: Five pillars 

for using AI in So-

cial Studies educa-

tion 

Heafner 

and Max-

well 

(2025) 

Desk review 

Responsible and ethical use of AI in 

social studies requires a clear frame-

work that aligns with the disci-

pline’s emphasis on critical think-

ing, inclusivity, and civic engage-

ment. However, challenges persist 

such as bias, data privacy, and ethi-

cal issues. 

Integration of AI into Social Studies edu-

cation has potential of enhancing inquiry-

based learning, critical thinking, and 

civic engagement. However, responsible 

use of AI requires policy guide lines that 

align with values of Social Studies educa-

tion. 

Beyond the hype: 

Exploring faculty 

perception and ac-

ceptability of AI in 

teaching practices 

Ofosu-

Ampong 

(2024) 

Cross-sectional 

survey 

Majority of lecturers were willing to 

accept their students use of AI. 

Teaching experience, institutional 

support for AI use, and attitude to-

wards AI proved to be significant 

predictors of AI acceptance in edu-

cation. Key factors influencing lec-

turers’ acceptance of AI for their 

students include perceived pedagog-

ical affordances, organizational pol-

icies and incentives, perceived com-

plexity and usability, and socio-cul-

tural context. 

The majority of university lecturers sup-

port the use of AI by their students. How-

ever, challenges such as connectivity is-

sues, lack of training on AI, absence of 

universities council’s approval of AI use, 

AI bias, and potential job displacement 

persist. Capacity building and policy 

guidelines should be designed to spear-

head AI use in universities. 

Barriers and Ena-

blers to Artificial 

Intelligence (AI) 

Adoption in Ad-

ministrative Func-

tions in Public Uni-

versities in Ghana: 

A Case Study of the 

University of Edu-

cation, Winneba 

Boison 

(2025) 

Convergent 

mixed methods 

The study found inadequate digital 

infrastructure, limited AI literacy, 

ambiguous policy frameworks, and 

resistance to change as barriers to 

AI integration. However, strong per-

ceived usefulness of AI tools, lead-

ership support, and departmental 

readiness in selected units were 

identified as facilitators of AI inte-

gration. 

Incorporating AI into university admin-

istration is an avenue for changing the 

core nature of the institution. To realize 

the promise of AI in the study university, 

there is a need for a strategic thinking, 

building capacity, ethical protection and a 

culture that encourages change based on 

the local context and needs. 

AI literacy in So-

cial Studies educa-

tion 

Yetişensoy 

and 

Rapoport 

(2023) 

Case study 

Social studies can play an important 

role in teaching AI literacy, which is 

part of digital literacy but is likely 

to become an independent and im-

portant citizenship qualification in 

the future. 

It has been advocated that social studies 

scholars conduct theoretical and applied 

studies that point out the relationship be-

tween AI literacy and social studies. 

These empirical studies will help the de-

velopment of new perspectives on the 

subject, revealing the potential role of so-

cial studies in teaching AI literacy. 

Assessing teachers’ 

generative AI com-

petencies: Instru-

ment development 

and validation 

Shi (2025) 
Cross-sectional 

survey 

The instrument for teacher AI com-

petencies evaluation comprises five 

dimensions: (1) Technological pro-

ficiency of GenAI, (2) pedagogical 

competencies of AI in teaching, (3) 

preparing students with effective 

practices of AI, (4) AI-related pro-

fessional development and commu-

nication, and (5) risk and ethical 

awareness of AI use in education. 

The research addresses a gap in AI adop-

tion in education by providing a compre-

hensive and validated tool for assessing 

teachers’ AI competencies required for 

technology integration. The instrument 

not only provides insights for targeted 

continuous professional development 

programmes but also supports efforts to 

align AI utilization with pedagogical, 

practical, and ethical considerations. 

Artificial intelli-

gence literacy 

among university 

students—a com-

parative transna-

tional survey. 

Mansoor 

et al., 

(2024) 

Comparative 

transnational 

survey 

The research found significant dis-

parities in AI literacy levels among 

university students based on nation-

ality, scientific specialization, and 

academic degrees, while age and 

The study advocates for assessing AI lit-

eracy levels across different societal seg-

ments and developing the appropriate 

measurements scales for those compete-

cies. 
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Research Title Author(s) Type of Study Key findings Conclusions 

gender did not show notable im-

pacts. Malaysian participants scored 

higher on AI literacy scale than in-

dividuals from other African coun-

tries. 

Drivers and barriers 

of AI adoption and 

use in scientific re-

search 

Bianchini 

et al., 

(2025) 

Systematic re-

view of large 

datasets 

Social and collaborative teams are 

the strongest enablers of AI adop-

tion. Institutional leverage matter 

most initially but decline over time. 

Access to high performing compu-

ting (HPC) play a limited role in de-

termine AI adoption especially med-

ical sciences and biology. This indi-

cates that infrastructure deficits are 

less important than human and so-

cial factors in most disciplines. 

Adoption of AI technology in scientific 

research is social driven process in-

formed by collaborative networks and 

knowledge exchange than by institutional 

resources or infrastructure alone, espe-

cially as AI tools are increasingly becom-

ing democratized. 

 

4. Discussion 

The evidence emerging from the synthesis of the literature 

captured in Table 1 are discussed thematically in the preced-

ing pages. The thematic analysis gives a rigorous framework 

for systematically identifying, interpreting, and reporting 

themes within the data, providing a nuanced understanding of 

complex issues [12], facilitates integration of multiple find-

ings across several studies [47], and promotes transparency 

and rigor in data synthesis [45]. 

4.1. Lectures and Students Perception of AI as 

Tool for Social Studies Education 

The reviewed literature discovered a complex and often am-

bivalent perception of AI among lecturers and students. Em-

pirical studies such as [37] and [40] demonstrate that both 

groups acknowledge AI’s transformative pedagogical poten-

tial, particularly in enhancing individualized instruction, re-

search support, and instructional innovation. Similarly, [2, 7] 

highlight AI’s capacity to improve students’ engagement, mo-

tivation, and access to knowledge, aligning with previous 

findings by [25], who argue that AI enhances adaptive learn-

ing environments. However, these optimisms are tempered by 

deep seated concerns, especially around academic integrity, 

overreliance, and erosion of critical thinking and problem-

solving skills [23, 40]. This aligns with the findings from [27], 

who advise that generative AI may encourage superficial 

learning if not pedagogically guided. Notably, [40] identifies 

misconceptions about AI competencies among students, 

which contradicts the assumption in earlier studies [17] that 

digital native students possess sophisticated understanding of 

emerging technologies. Furthermore, disciplinary considera-

tion is significant, as a result, [23] emphasize that Social Stud-

ies is rooted in critical inquiry, civic reasoning, problem-solv-

ing, active citizenship, environmental consciousness, and eth-

ical deliberations, requires context sensitive AI integration 

frameworks, suggesting that generic AI adoption models may 

be insufficient. 

The findings of this systematic review reveal a nuanced and 

dialectical landscape in which enthusiasm for artificial intelli-

gence coexists with substantive pedagogical anxieties. This 

duality is neither incidental nor transitional; rather, it reflects 

a deeper epistemological tension between technological aug-

mentation and the foundational aims of education. On one 

hand, the recognition of AI as a catalyst for instructional trans-

formation underscores its capacity to reconfigure traditional 

pedagogical paradigms. Its affordances for adaptive learning, 

real-time feedback, and personalized knowledge pathways 

suggest a shift toward more learner-centered ecologies, where 

instructional delivery is increasingly responsive to individual 

cognitive profiles and learning trajectories. Within this fram-

ing, AI is not merely a supplementary tool but an infrastruc-

tural force capable of redefining how knowledge is curated, 

accessed, and internalized. 

However, this optimism is circumscribed by critical con-

cerns that interrogate the unintended consequences of such in-

tegration. The apprehension surrounding academic integrity 

signals more than a procedural challenge; it points to a funda-

mental disruption in how learning authenticity is conceptual-

ized and assessed. The ease with which AI systems can gen-

erate coherent and contextually relevant outputs raises ques-

tions about authorship, originality, and the evaluative frame-

works that underpin academic work. Consequently, the integ-

rity debate must be situated within broader discussions about 

epistemic trust and the redefinition of intellectual labor in dig-

itally mediated environments. Equally significant is the con-

cern regarding cognitive atrophy, particularly the potential 
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erosion of higher-order thinking skills. The delegation of ana-

lytical and problem-solving tasks to AI systems may inadvert-

ently diminish students’ engagement in deep cognitive pro-

cessing, thereby fostering a form of intellectual passivity. This 

risk is especially pronounced in contexts where pedagogical 

scaffolding is insufficient, allowing AI to function as a substi-

tute rather than an enhancer of learning. The implication here 

is that the educational value of AI is contingent not on its ca-

pabilities per se, but on the intentionality and sophistication of 

its pedagogical deployment. 

4.2. Lecturers and Students Digital Competency 

Readiness for AI Adoption 

Evidence from this literature suggest uneven and inadequate 

digital competency readiness among some lecturers and students. 

For instance, [31] discovered significant disparities in AI literacy 

across regions and disciplines, with students from developing 

countries exhibiting comparatively lower AI competencies. 

These findings concur with [46], which identifies a global AI skill 

gap, particularly in the global south as barrier to technology adop-

tion in education. Similarly, [10] and [40] identify limited AI lit-

eracy and low technical proficiency as critical barriers to effective 

AI adoption. In contrast, [39] conceptualizes AI competencies as 

multidimensional construct, encompassing not only technical 

proficiency but also pedagogical alignment, ethical awareness 

and communication skills. This broader framing corroborates [41] 

digital competency framework, which emphasizes wholistic ed-

ucator preparedness. Interestingly, [8] introduce social capital di-

mension, suggesting that competency development is not purely 

individual but influenced by collaborative networks and institu-

tional ecosystems. This perspective extends beyond earlier com-

petency models that focused primarily on individual skills. 

The evidence synthesized in this review points to a struc-

turally uneven landscape of digital competency readiness that 

complicates the effective integration of artificial intelligence 

in educational contexts. Rather than a uniform deficit, the pat-

tern that emerges is one of stratified capability, shaped by ge-

ographical location, disciplinary orientation, and institutional 

capacity. The comparatively lower levels of AI literacy ob-

served in developing contexts underscore a broader asym-

metry in access to technological resources, training infrastruc-

tures, and epistemic exposure, thereby reinforcing existing 

global inequities in educational innovation. At the same time, 

the identification of limited technical proficiency among both 

lecturers and students suggests that the challenge is not con-

fined to resource-poor settings but reflects a more pervasive 

misalignment between rapid technological advancement and 

the pace of pedagogical adaptation. 

4.3. How Digital Competences Are Measured 

The measurement of AI-related competencies in higher ed-

ucation is emerging but still fragmented. For example, [41] 

provides a validated multidimensional instrument, identifying 

five main domains: technological proficiency, pedagogical in-

tegration, student preparation, professional engagement, and 

ethical awareness. This represent a significant progress com-

pared to earlier, less structured frameworks. However, [31] 

demonstrate that cross-national measurement remains incon-

sistent, with variations in scales and contextual benchmarks 

limiting comparability. This supports the proposition by [35] 

that standardized global metrics for AI literacy are still under-

developed. Moreover, [47] position AI literacy as an emerging 

civic competency, suggesting that measurement should be ex-

tended beyond technical skills to include critical AI awareness 

and societal implications, a perspective largely absent in ear-

lier quantitative instruments. 

4.4. Institutional Governance and Strategies for 

AI Integration in Higher Education 

Institutional governance emerges as a decisive factor in AI 

integration. Specifically, [10] identifies weak policy frame-

works, infrastructure deficits, and leadership gaps as major 

constraints to AI adoption in Ghanaian universities. Con-

versely, the presence of leadership support and departmental 

readiness act as strong enablers of AI integration in HEI. 

Moreover, [2, 8] further emphasize that strategic investments, 

institutional vision alignment, and collaborative ecosystems 

are vital for sustainable AI adoption in universities. This as-

sertion is consistent with [36] recommendations advocating 

for whole-institutional approaches to AI governance. How-

ever, the findings challenge earlier techno-deterministic as-

sumptions by [30] which demonstrates that institutional con-

text and governance structures often outweigh technological 

availability in determining successful AI integration. 

4.5. Faculty Adoption and Training Needs 

Lecturers adoption of AI is informed by perceived useful-

ness, ease of use and institutional encouragement and support, 

consistent with the Technology Acceptance Model (TAM) 

[16]. Similarly, [37] outlines teaching experience, attitudes, 

and organizational incentives as significant predictors of AI 

acceptance, aligning with previous study by [44]. Neverthe-

less, substantial training gaps persist. Empirical studies by [10] 

and [40] identifies the lack of CPD and structured training pro-

grammes as barriers to AI utilization in education. In agree-

ment, [41] emphasize the need for targeted competency-based 

training, particularly in ethical and pedagogical dimensions of 

AI use. These findings support recent empirical research by 

[50], which opines that faculty readiness not technology pre-

paredness is the main barrier to a successful adoption of AI in 

universities. However, the current review extends this by 

highlighting the discipline specific needs of Social Studies ed-

ucators, especially in fostering critical, ethical, and responsi-

ble use of AI for academic purposes. 

The findings of this review indicate that lecturers’ adop-
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tion of AI is shaped by a complex interplay of cognitive, af-

fective, and institutional determinants, reflecting established 

models of technology acceptance while also exposing their 

limitations in contemporary educational contexts. Percep-

tions of usefulness and ease of use remain central drivers, yet 

these factors are significantly mediated by organizational 

climates that either incentivize or constrain innovation. In 

this regard, institutional support emerges not merely as a fa-

cilitating condition but as a decisive force that legitimizes AI 

integration within pedagogical practice. At the individual 

level, teaching experience and professional attitudes further 

condition adoption patterns, suggesting that lecturers’ prior 

pedagogical orientations and openness to change critically 

influence their engagement with AI. Despite these enabling 

factors, the persistence of substantial training deficits reveals 

a structural disconnect between institutional aspirations for 

technological integration and the provision of adequate pro-

fessional development pathways. The absence of continuous 

professional development frameworks and structured train-

ing programmes undermines lecturers’ capacity to translate 

theoretical acceptance into effective pedagogical application. 

This gap is particularly consequential given the increasingly 

complex demands associated with AI use, which extend be-

yond technical operation to encompass ethical judgment, in-

structional design, and critical evaluation of AI-generated 

outputs. Consequently, the emphasis on competency-based 

training reflects a necessary shift toward more holistic forms 

of professional preparation that integrate technical, pedagog-

ical, and ethical dimensions. 

4.6. Universities Policy Guidelines on AI 

Adoption 

A recurring theme across the studies is the absence of for-

mal AI policies. For instance, [10] and [37] report ambiguous 

or non-existing institutional policy guidelines, creating uncer-

tainties among faculty and students. More importantly, [2] 

strongly advocates for comprehensive AI policies, including: 

ethical usage frameworks, AI-resistant assessment systems, 

and institutional alignment with AI innovation goals. This 

aligns with global policy recommendation put together by [46], 

yet contrast with the findings from the previous study by [48], 

which suggested that institutions were beginning to formalize 

AI governance structures. The present systematic review dis-

covered that policy development remains uneven and context 

dependent, especially in African higher education systems. 

4.7. Enablers and Barriers to AI Integration in 

Social Studies Education in HEIs 

The synthesis identifies a dual structure of enablers and bar-

riers to AI adoption in Social Studies education. Perceived 

usefulness and pedagogical innovation [37], leadership sup-

port and institutional readiness [10], collaborative networks 

and social capital [8], and expanding accessibility of AI tools 

[2] were identified as enablers of AI adoption in Social Studies 

education in most universities. However, the barriers to AI in-

tegration were highlighted as limited infrastructure and con-

nectivity [10], low AI competencies and training gaps [40], 

digital divide and cost constrains [7], and resistant to change 

due to socio-cultural factors [37]. These findings are con-

sistent with recent meta-analysis by [15], but extend them by 

highlighting contextual inequalities between Global north and 

Global south educational institutions. 

The synthesis delineates a dynamic and interdependent con-

figuration of enabling and constraining forces that collectively 

shape the trajectory of AI adoption in Social Studies education, 

revealing that technological integration is neither inherently 

progressive nor uniformly attainable. On the enabling side, the 

perceived pedagogical value of AI, particularly its capacity to 

stimulate instructional innovation and enhance teaching effec-

tiveness, operates in tandem with institutional leadership, or-

ganizational readiness, and the diffusion of collaborative net-

works that facilitate knowledge exchange and peer-supported 

learning. The growing accessibility of AI tools further lowers 

entry barriers, creating new opportunities for experimentation 

and pedagogical transformation. However, these enabling 

conditions are persistently counterbalanced by deeply en-

trenched structural and contextual impediments. Limitations 

in infrastructure and unreliable connectivity significantly cur-

tail the practical usability of AI systems, especially in re-

source-constrained environments, while deficiencies in AI 

competencies and the absence of systematic training frame-

works inhibit meaningful engagement among educators and 

students alike. Additionally, economic constraints and the 

broader digital divide exacerbate disparities in access and par-

ticipation, reinforcing patterns of exclusion that mirror global 

inequalities. Sociocultural resistance to change introduces an-

other layer of complexity, as entrenched beliefs, institutional 

inertia, and apprehension toward technological disruption can 

impede adoption even in relatively well-resourced settings. 

4.8. Ethical Considerations and Biases of AI 

Generally, the integration of AI into higher education teach-

ing, learning, research, administration, and assessment raises 

several ethical issues, including challenges connected to aca-

demic integrity, accuracy, AI bias, data privacy, transparency, 

intellectual property rights, and the environmental impact of 

this digital innovation. When AI is wrongly used, it jeopard-

izes academic honesty and creates situations where various 

problems arise, such as plagiarism, the authenticity of student 

submissions, and the use of AI-generated content in educa-

tional settings. Moreover, AI’s hallucination is another critical 

issue, wherein it communicates misleading information as a 

result of its indiscriminate gathering of information from its 

sources [34]. Generative AI platforms usually lack sufficient 

context, reliability, and learning capabilities through experi-

ence, which can lead to the creation of false content, particu-

larly when dubious sources are used [4]. These tools provide 
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answers that appear reasonable and confident, potentially 

leading users to be misled if they consume uncritically [9, 20]. 

Similarly, [5] observed the problem of fabricated citations, 

highlighting that ChatGPT created 69% of fictitious refer-

ences by taking author names and journal titles from real pub-

lications, making them difficult to detect. Likewise, [43] dis-

covered that a significant portion of the literature generated by 

ChatGPT in various disciplines did not exist during verifica-

tion of AI content. This exposes a concerning educational and 

research environment, where the accuracy of information is 

highly valued. Bias is another deeply rooted problem when 

working with AI, stemming from the very nature of the train-

ing data. AI models can integrate the biases that already exist 

in the training data [1, 6, 9]. 

Ethical concerns are central and pervasive across all the ar-

ticles reviewed. The key issues identified include: algorithmic 

bias [7, 23], data privacy and risks of surveillance [2], aca-

demic dishonesty and misuse [40], environmental cost of AI 

systems [2]. In addition, [23] proposes a discipline specific 

ethical framework anchored in Social Studies attitudes and 

values such as equity, inclusivity, civic responsibility, respect, 

diversity, commitment to achieving excellence, teamwork, 

truth, and integrity. This aligns with [19] but extends ethical 

discourse by embedding it with subject-specific pedagogy. 

However, the persistence of these ethical issues suggest that 

ethical governance has not kept pace with technological ad-

vancement, contradicting optimistic projections in earlier AI 

adoption in higher education literature. 

4.9. Limitations of the Study 

A major shortcoming of PRISMA-oriented review is their 

overdependence on methodological rigor of included articles. 

Since we synthesize existing evidence rather than generate 

new primary data, any biases, inconsistencies or methodolog-

ical error in primary studies can easily be transferred into the 

review. Moreover, high heterogeneity in research designs, 

populations, and outcomes measures can complicates synthe-

sis and limit comparability. Additionally, systematic review 

conducted under PRISMA model are normally vulnerable to 

publication bias, where studies with statistically significant 

findings are more likely to be published and thus included. 

This may result in over estimation of effect sizes or skewed 

conclusions. More importantly, selective outcome reporting 

within studies can distorts the evidence base. To exemplify, 

[3] and colleagues observed that even comprehensive search 

strategies cannot completely eliminate this bias, especially 

when grey literature is underrepresented. 

More importantly, undertaking a high quality PRISMA-

based systematic review is resource-intensive, demanding 

substantial time, expertise and coordination. Our research ac-

tivities such as protocol designing, database searches, screen-

ing, data extraction, and data quality checks requires signifi-

cant effort. Consequently, some reviews may become out-

dated by the time they are published, especially in rapidly 

evolving fields like AI in higher education. In agreement, [33] 

highlight that the lag between evidence generation and syn-

thesis can reduce the practical relevance of the findings. Fi-

nally, while PRISMA enhances transparency and standardiza-

tion, its structured approach can be overly rigid, particularly 

when dealing with complex, interdisciplinary, or qualitative 

research domains. The systematic reviews are primarily opti-

mized for quantitative studies and may not sufficiently capture 

contextual nuances, theoretical insights, or emerging themes 

in qualitative research. As argued by [22], that an overly 

standardized approaches may oversimplify complex phenom-

ena and limit interpretive depth. 

4.10. Areas for Further Research 

The review identified several critical gaps that warrant fu-

ture scholarly attention. First, there is a need for discipline-

specific AI integration models in Social Studies education, 

given that existing frameworks remain largely generic and 

fail to capture the epistemological emphasis on critical in-

quiry, building of desirable attitudes and values, civic com-

petence, and ethical deliberation. Future researchers should 

therefore develop and empirically validate context-sensitive 

pedagogical frameworks geared towards Social Studies. Sec-

ond, the persistent misconceptions about AI among univer-

sity students challenge assumptions about digital native 

competence. Further research should therefore examine stu-

dents conceptual understanding of AI, including how these 

misconceptions influence learning outcomes, critical think-

ing, problem-solving, creativity, and academic integrity. 

Third, the findings show a lack of standardized global met-

rics for measuring AI competencies. Comparative, cross-na-

tional study is required to develop validated, culturally re-

sponsive AI literacy frameworks that incorporate technical, 

pedagogical, and ethical dimensions. Fourth, limited empir-

ical evidence exists on the long-term impact of AI use on 

higher-order thinking skills and general academic perfor-

mance of university students, particularly in humanities and 

the social sciences. Longitudinal studies should be con-

ducted to explore whether AI enhances or undermines stu-

dents critical thinking, collaboration, creativity, problem-

solving, civic engagement, and general academic perfor-

mance over time. Moreover, while ethical issues are widely 

acknowledged, there is insufficient empirical studies on op-

erationalizing ethical AI frameworks into classroom prac-

tices. Future studies should go beyond conceptual discus-

sions to test practical ethical guidelines and assessments 

methods within real university educational context. Finally, 

the review exposes contextual inequalities between Global 

north and Global south institutions, particularly concerning 

infrastructure, access and policy preparedness. Future re-

search should prioritize equity-focused investigations that 

evaluate how socio-economic and institutional disparities 

shape AI adoption and outcomes. 
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5. Conclusions 

The review demonstrates that AI integration in Social Stud-

ies education is marked by promise, complexity, and uneven 

preparedness. While lecturers and students recognize AI trans-

formative potential for enhancing individualized instruction, 

engagement, and pedagogical innovation, these gains are 

counterbalanced by significant challenges related to academic 

integrity, ethical issues, biases, over-reliance of AI, and the 

erosion of problem-solving, critical thinking, and creative 

thinking skills. The findings further discovered that digital 

competence gaps, weak institutional governance, insufficient 

training, and absence of clear policy guidelines remain major 

obstacles to effective utilization of AI in universities. More 

importantly, the study underscores that AI integration is not 

merely a technological issue but a socio-pedagogical and in-

stitutional challenge. Successful AI integration depends on the 

alignment of core competencies, governance structures, ethi-

cal frameworks, and discipline-specific pedagogies. Moreover, 

the evidence highlights stark inequalities between educational 

contexts, especially disadvantaged institutions in the Global 

South. All in all, the adoption of AI into Social Studies educa-

tion demands a wholistic, context-aware, and ethically 

grounded approach, where human-centered pedagogy remain 

central, and technology serves as an enabler rather than a sub-

stitute for critical intellectual engagement. 

6. Recommendations 

As a result of the evidence presented in the review, the fol-

lowing suggestions have been made. 

1) Universities and researchers need to create AI adoption 

models specific to Social Studies education that integrate 

21st-century skills such as critical thinking, collabora-

tion, civic engagement, problem-solving, and creativity. 

2) Higher education institutions (HEIs) need to establish AI 

policy frameworks that are specific and actionable con-

cerning academic integrity, ethical use, data privacy, and 

AI-resistant assessment strategies, in conjunction with 

international standards such as the UNESCO framework. 

3) Universities need to provide continuous professional de-

velopment (CPD) training for faculty members and im-

plement AI literacy training for students, with an empha-

sis on the technical, pedagogical, and ethical aspects. 

4) Social Studies curricular should incorporate ethical AI 

use, bias awareness, and critical AI literacy, alongside 

the redesign of assessment strategies to minimize misuse 

and promote authentic, higher-order learning outcomes 

in university students. 

5) Governments and institutions of higher learning, partic-

ularly in the Global South, should prioritize investment 

in digital infrastructure, internet accessibility, and af-

fordable AI tools to ensure equitable participation in AI-

enabled higher education. 
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