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Abstract 

In an informal settlement, where weak institutional structures and limited surveillance persist, violent crimes such as Sexual and 

Gender Based Violence (SGBV) has remained a public safety and human right concern. These are often exacerbated by numerous 

infractions that increases the resident’s vulnerability to victimization. In such setting, community-based surveillance has often 

been used as a dual participatory community policing strategy that not only strengthens informal social security but also 

encourages the information sharing and proactive crime prevention. However, the empirical evidence on its relationship with 

SGBV prevention remains limited. This study examined the relationship between community-based neighborhood surveillance 

and SGBV prevention in the informal settlement of Likoni Mombasa County. The study adopted correlation research design and 

was guided by both Routine Activity Theory and Brocken Window Theory. The research data were collected from 359 

respondents randomly selected from a sample of 399 residents using structured questionnaires, complemented by 10 key 

informant interviews. Quantitative data were analyzed through Pearson correlation descriptive statistics, and through simple 

linear regression while qualitative data were analyzed thematically. Due to the emotional and personal nature of SGBV issues, 

some respondents were reluctant to disclose information effectively, however, the researcher maintained the anonymity of 

respondents and confidentiality of data collected. The results revealed a strong positive and statistically significant relationship 

between community-based neighborhood surveillance and SGBV prevention (r =.803, p <.001; R2 =.644; F = 646.855, p <.001). 

The analysis showed that neighborhood surveillance explained 64.4% of the variation in SGBV prevention indicating that 

strengthened community watch groups, information-sharing networks, and mutual social control substantially enhanced SGBV 

prevention. The study concludes that community-based neighborhood surveillance is an effective community policing strategy 

for preventing SGBV within informal settlements. It recommends strengthening community watch structures, institutionalizing 

community-police information-sharing mechanisms, and promoting collaborative neighborhood surveillance initiatives to 

improve public safety and reduce SGBV in vulnerable urban communities. 
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1. Introduction 

Sexual and Gender-Based Violence (SGBV) continues to 

pose profound challenges to public safety, and social develop-

ment. SGBV constitutes a complex social phenomenon that 

manifests in sexual, physical, economic, and psychological 

forms of abuse perpetrated against a person as a result of their 

sex or gender [30]. Although this crime transcends gender, it 

disproportionately affects women and girls across various 

economic and social contexts. Beyond its immediate psycho-

logical and physical consequences, SGBV destabilizes indi-

vidual well-being and imposes significant social and eco-

nomic costs on households and communities. According to the 

World Health Organization (2024) [33], approximately 1 in 3 

women globally experiences physical and/or sexual violence 

during her lifetime. However, this has been very pronounced 

in low and middle-income countries where structural inequal-

ities and limited institutional responses have persisted. These 

are often attributed to inadequate infrastructure, and high pop-

ulation density within the informal settlements. In response, 

community-based neighborhood surveillance has emerged as 

a participatory community policing strategy that promotes 

collective vigilance, information sharing, and informal social 

control to deter crime and enhance public safety. 

In UK, Violence against women and girls (VAWG) has 

been widely recognized as a persistent challenge within the 

conventional security system. The National Police Chiefs' 

Council and the College of Policing, pointed out that domestic 

abuse (DA) constituted 17% of all documented crimes rec-

orded in 2021 [7]. Further UK Children’s Commissioner’s 

(2018) report noted that 825,000 children were living in 

homes with domestic violence [5]. Contrarily, the Police Pres-

ence on High Streets-House of Commons Library, (2025) re-

ports shows that there were more than 147,746 Full-Time-

Equivalent (FTE) officers and Police Community Support Of-

ficers (PCSOs) in the post in Wales and England in 2024 for 

neighborhood policing roles. This disparity indicated an in-

crease of 0.2% from the previous year. The report infers that 

neighborhood police surveillance and presence improve the 

confidence in police from the community. This statistic shows 

disconnect between the established legal and communal safety 

mechanism and the SGBV crimes prevalence. 

Somalia equally also grapples with high incidences of 

SGBV, often exacerbated by conflict, poverty, and cultural 

practices. Women, adolescent girls, and children represent 95% 

of the affected Populations of the survivors who reported in-

cidents of GBV in 2020 [31]. Most, 75% were from displaced 

communities. In 2020, trends show that 45% of reported inci-

dents occurred at the survivors' residences while others were 

on the streets, at markets/shopping, at perpetrators' residences, 

and in camp settings [31]. The SGBV/FGM assessment of 

2020 exposed that the total number of GBV survivor's calls 

for help hotlines had risen by 283% in Federal Member States 

(FMS) and 767 percent in Somaliland. In response, Somalia 

government has implemented GBV prevention program 

within IDP sites and informal settlements such as Community 

Focal Points (CPF), referral pathways for improve access to 

justice. despite of this measure, chronic insecurity, weak rule-

of-law and cultural barriers severely limit sustainable formal-

to-informal service linkages, leaving many survivors depend-

ent on time-limited humanitarian interventions. 

In 2017 the Uganda Police Force (UPF) published a Strat-

egy on Community Policing (COP) in informal and formal ar-

rangements. The objective of the strategy was to offer a guide-

line on the operationalization of COP in the country [9]. The 

country has since addressed SGBV cases by setting up legal 

policing systems that includes both the Domestic Violence 

Act of 2010 and the Prevention and Prohibition of Torture Act 

of 2012. However, a 2021 report by the Uganda Bureau of 

Statistics revealed that one in three women aged 15 to 49 had 

experienced physical or sexual violence [29]. The violences 

encompasses a range of violations, including rape, female 

genital mutilation, domestic violence as well as early and 

forced marriages. Study established that survivors of SGBV 

were three times more likely to experience mental health is-

sues compared to non-survivors [26]. Conversely, in 2019, the 

World Bank projected that gender-based violence cost 

Uganda nearly 0.35% of its GDP annually [3]. This figure mir-

rors a loss in productivity, increased healthcare expenses, and 

high social services expenditures. further, the underlying ef-

fect on survivors' capacity to work and sustain their families 

is particularly noticeable when survivors are unable to return 

to work as a result of physical injuries or trauma. 

The Kenya Demographic and Health Survey (KDHS) 

equally reported that 34% of women aged 15-49 years have 

faced physical violence, while 13% have experienced sexual 

violence [8]. The survey noted that 34% of women in Kenya 

have experienced sexual violence since age 15. In 2013 gov-

ernment of Kenya came up with Nyumba Kumi (10 house-

holds) program together with Community Policing Commit-

tees (CPCs) and Forums as the main community policing 

structures particularly in the informal system [21]. The pro-

gram was launched to bring the National Police Service Act 

(2011) and the National Security Strategy into practice and to 

enhance surveillance of the neighborhoods. It also aimed at 

building trust between the citizens and the police, and improve 

the intelligence collection on the ground. Though, the number 

of women who became victims of sexual abuse in the 12 

months before the survey had dropped from 20% in 2014 to 

16% in 2022 [8]. These assertions are aggravated by the over-

crowding, poverty, and weak policing infrastructure intensify 

exposure to intimate-partner violence, sexual assault which 

are predominantly among girls and women who have limited 

access to formal protection service. In another survey, Na-

tional Crime Research Centre (2022), noted that 71.0% of the 

2,416 cases of gender-based violence recorded in the first half 

of 2020 were victimization cases [18]. These statistics indicate 
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higher prevalence despite the government aspiration to trans-

late national protections into community-level prevention and 

rapid response mechanisms. 

1.1 Purpose of the Study 

The purpose of the study was to analyze the relationship 

between community policing neighborhood surveillance and 

the prevention of SGBV in the informal settlements of Likoni 

sub-county in Mombasa County Kenya. 

1.2. Hypothesis of the Study 

There is no statistically significant relationship between 

community policing neighborhood surveillance and the pre-

vention of SGBV in Likoni sub-county in Mombasa County 

Kenya. 

2. Literature Review 

Technological advancements have become an important 

component of neighborhood surveillance strategies aimed at 

enhancing community security. Chipatiso, [6] conducted a 

study analyze GBV incidents using GIS within Mutuko dis-

trict in Zimbabwe. The study noted that, geospatial technology 

is an essential tool in mapping GBV within the area with a 

dispersion pattern showing a Nearest Neighbor Index (NNI) 

greater than 1. Even though GBV risks and prevalence can be 

assessed and monitored using conventional means, the study 

appreciated how integration of geospatial techniques, commu-

nity surveys and web applications plays a significant role in 

monitoring GBV comprehensively within the community. 

Equally, Tobias and Mwanza [27] noted that by using GIS, the 

relationships and patterns between the crimes were revealed 

hence allowing for targeted response and identification of 

hotspots. The research maintained that conventional systems 

for criminal and intelligence keeping had failed in satisfying 

the contemporary demands of criminal situation. Findings by 

Adams et al. [1], also indicated that the major obstacles to the 

creation of change within informal settings in India include 

patriarchal mindsets that promote a communal silence among 

women's rights, digital illiteracy, lack of education, and ab-

sence of digital tools and services. Adams et al. [1], results 

highlight the intricate socio-cultural and structural obstacles 

to the prevention and response to GBV in informal environ-

ments. The study identifies how SGBV is sustained by deeply 

entrenched inequalities that go beyond individual behaviors 

such as patriarchal norms, communal silence on gender issues, 

digital illiteracy, limited educational opportunities, and poor 

access to digital resources. 

Collective efficacy and neighborly social networks have 

been recognized as a critical mechanism at the neighborhood 

level for preventing and controlling intimate partner violence. 

In a study to determining if the knowledge of neighborhood 

cohesion and contemporary institutional changes, such as res-

idential mobility and infrastructure, are associated with IPV 

exposure, Fedina et al. [12], showed that the prevalence of in-

timate partner violence (IPV) was high in the neighborhoods 

where residents experienced a greater lack of connection and 

social isolation. The study underlines the protective value of 

neighborhoods perceived to have strong informal social con-

trol and communal oversight. Similarly, Patric [25] showed 

that the widely used mechanism in resolving GBV in Monduli 

Tanzania was gender mainstreaming strategy and litigation. 

The study by Fedina et al. [12], and Patric [25] has however, 

focused on neighborhood factors and structured formal gender 

responsive poling and showed a gap on how the two domains 

manifest within an underserved, highly fluid environments 

such as Likoni informal settlement. 

Neighborhoods with high levels of collective efficacy tend 

to intervene when they perceive a threat to community safety, 

such as when they witness SGBV, according to research. 

Wright & Skubak [34] established that neighborhood social 

ties and residents' willingness to exercise informal social con-

trol were associated with reduced levels of intimate partner 

violence against women. Likewise, Yesberg & Bradford [35] 

maintained that community-oriented policing practices that 

build trust and engagement between citizens can lead to the 

creation of collective efficacy, thereby strengthening neigh-

borhood surveillance capabilities. In conflict-affected and 

marginalized settings, Treves-Kagan et al. [28], further ob-

served that weakened community connectedness and dimin-

ished social cohesion increase women's vulnerability to inti-

mate partner violence. Together, these studies indicate that 

neighborhood surveillance goes beyond technology to the re-

lationship aspects of community life. However, the existing 

evidence emerged from stable urban communities and refu-

gee-hosting contexts, with limited attention paid to densely 

populated informal settlements where transient populations, 

weak institutional presence, and economic precarity may con-

strain the effectiveness of informal surveillance mechanisms. 

In addition, recent scholarship highlighted the need to op-

erationalize a community knowledge system alongside data-

driven strategies for better prevention and response to SGBV. 

Friedberg et al. [13], showed that spatiotemporal analysis of 

GBV data in Nairobi could help uncover localized perceptions 

of insecurity and understand what environmental factors relate 

to increased risks of GBV. Friedberg et al. [13], study discov-

ered that community-based geographical information can help 

local partners to promote safer communities and targeted in-

terventions. This infers that social capital and neighborhood 

networks have a significant influence on coping mechanisms 

among residential slums. These studies highlight the need to 

not view neighborhood surveillance for SGBV prevention as 

merely a matter of using technology. Instead, a geospatial in-

novation combined with locally rooted social networks which 

can support information sharing, early detection, and collec-

tive action to prevent violence is likely to be more effective in 

the context of surveillance systems. However, there is still 
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limited empirical knowledge of how such hybrid surveillance 

works in the context of underserved places like Likoni infor-

mal settlement, which warrants the need for the present study. 

3. Methodology 

The study was conducted in Likoni Sub-County. It is located 

on the southern mainland of Mombasa. According to the Kenya 

National Bureau of Statistics census [17], Likoni Sub-County 

has a total population of 250,358 residents, comprising of 

126,962 males and 123,392 females. The location of the study 

was selected purposively because as it is one of the SGBV 

hotspots in Mombasa County [23]. The researcher employed 

correlational research design. The design enabled the researcher 

to quantitatively assess how and whether the changes in the im-

plementation of community neighborhood surveillance within 

the informal settlements are statistically linked to the prevalence 

and variation in SGBV prevention outcomes. The target popu-

lation for this study was 250,358 residents of the informal set-

tlement of Likoni sub-county [17]. These populations consti-

tuted the general residents who are directly or indirectly in-

volved in community policing and or affected by SGBV crimes. 

Conversely, the accessible population was 151,006 residents 

aged between 18- 69 years, representing the adult population 

and accounting for 60.3% of Likoni sub-county's population re-

siding in informal settlements [17]. 

Additionally, the study adopted stratified random sampling 

technique to ensure adequate representation of various strata 

(wards) within the study area. The researcher then selected 

samples randomly from each stratum. To determine the appro-

priate sample size for the study, Yamane’s formula (1967) for 

sample size calculation was used. That is: 

𝑛 =  
𝑁

1+𝑁(𝑒)2  

Where: 

𝑛 = sample size 

𝑁 = accessible population 

𝑒 = margin of error (0.05 for 95% confidence level) 

Since the accessible population (N) is 151,006 residents; 

n therefore is: 

𝑛 =  
151,006

1+151,006(0.05)2  

𝑛 =  
151,006

378.515
  

𝑛 =  399  

Therefore, 399 respondents were selected to participate in 

this research. 

The study population was stratified by the official adminis-

trative ward units within the sub-county. For equitable distri-

bution of the respondents across all strata in the sub-county, 

the research allocated sample size proportionately based on 

the population size of every stratum relative to the research 

target population of the ward, as shown in the information in 

Table 1. The first respondent’s household was purposively 

identified, after which the researcher selected every 7th house-

hold purposively in each stratum from which potential partic-

ipants who met the study criteria was sampled. This was done 

iteratively until the required sample size for each stratum was 

achieved. This method ensured that all wards were equally 

represented and had equal and know chances of selection thus 

reduced the likelihood of obtaining skewed data with biases. 

The Kotharis formula was be used in proportionate distribu-

tion of the sample size among within each stratum as shown 

in Table 1. 

𝑛ℎ =  
𝑁ℎ

𝑁
 𝑛  

Where: 

𝑛ℎ : The sample size per ward 

𝑁ℎ The total ward population 

𝑛: The sample size gotten using (Yamane formula) 

𝑁: The total target population for the study 

Table 1. The Sampling Procedure Framework. 

Wards Population (2019 census) % of Total Population (151,006) Sample Size (per ward) % of Total Sample (399) 

Mtongwe 25,168 16.67 67 16.8 

Shika Adabu 23,036 15.25 61 15.2 

Bofu 26,154 17.32 69 17.3 

Likoni 18,639 12.34 49 12.3 

Timbwani 58,011 38.42 153 38.4 

Total 151,006 100% 399 100 

 

  

http://www.sciencepg.com/journal/jppa


Journal of Public Policy and Administration http://www.sciencepg.com/journal/jppa 

 

203 

For the qualitative data, 10 key informant interviews were 

conducted. The key informants included two senior police of-

ficers from every stratum within the sub-county. The study 

utilized a structured questionnaire as the primary instrument 

for quantitative data collection. The questionnaires consisted 

of both closed and Likert scale questions aimed at assessing 

respondents' understanding of the relationship between varia-

bles of the study within the study area. The questionnaires 

were organized into section A&B. Sections A contained the 

demographic data whereas section B contained the question 

items aligned to the objective of the study. Each item was 

rated using a 10-point ordinal scale to correlate the data. Ad-

ditionally, the researcher conducted structured interviews with 

10 purposively selected key informants using a structured in-

terview guide. The guide contained a set of open-ended ques-

tions designed to elicit in-depth responses from key inform-

ants. Each question was followed by probe questions, which 

allowed for follow-up and the exploration of emerging themes 

that could not have been anticipated in the original design. The 

interviews were conducted face-to-face and at the conven-

ience of the informants within the confines of research time-

line. Every informant was interviewed separately at a public 

safe place. The session was recorded with the permission of 

the respondents, and transcribed for the thematic analysis. The 

study observed the ethical principles governing research in-

volving human respondents and ensured the protection of re-

spondents' dignity, rights, and welfare. Primarily, ethical ap-

proval was acquired from Chuka University's Ethics Review 

Committee and thereafter from Kenya National Commission 

for Science, Technology and Innovation (NACOSTI). Re-

spondents were informed fully of the purpose, nature, and pro-

cedures of the study and their informed consent was acquired 

orally prior to participation. Conversely, respondents’ rights 

to willingly decline, participate, or withdraw at any phase 

were guaranteed without any consequences. 

The study also undertook a pilot test to evaluate the clarity, 

effectiveness, and suitability of research instruments for the 

research context. The piloting was done in Kibra Constituency 

within Nairobi County, which has socio-cultural and policing 

characteristics similar to those of Likoni sub-county. To test 

the reliability of research instruments, the Cronbach’s Alpha 

reliability technique was used to measure the internal con-

sistency of the questionnaire. The research noted a Cronbach 

Alpha value of 0.774 which exceeds a recommended reliabil-

ity coefficient of 0.70. According to Ahmad et al. [2], 

Cronbach’s alpha coefficient of 0.70 or higher is generally ac-

ceptable for research, indicating sufficient internal con-

sistency. The research reliability coefficient therefore con-

firms the internal consistency of the questionnaire items indi-

cating that items collectively measured the intended construct 

of the study. The information in Table 2 indicates the 

Cronbach’s Alpha test results. 

Table 2. Cronbach’s Alpha Coefficient Results. 

Reliability Statistics 

Cronbach's Alpha Cronbach's Alpha Based on Standardized Items N of Items 

0.774 0.774 7 

 

4. Results 

This chapter presents the results and discussions of the col-

lected data in regards to the research objective. 

4.1. Demographics Analysis 

The researcher distributed a total of 399 structured ques-

tionnaires to the respondents across all the five strata in Likoni 

sub-county. Out of these, 359 questionnaires were dully filled 

and returned whereas 41 questionnaires were not returned. 

This represents a response rate of 89.97% compared to a non-

response rate of 10.03% as shown in the information in Figure 

1. Additionally, all the 10 key informants actively participated 

in the study through structured interview hence registering a 

100% response rate. 

 
Figure 1. Response Rate. 

Findings further showed that of the 359 respondents, 203 

were female constituting 56.5% compared to 154 males con-

stituting 42.9%. Two respondents (0.6%) preferred not to dis-

close their gender. The findings are as summarized in Figure 

2. 
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Figure 2. Distribution of Respondents by Gender. 

Further the results show that the study sample largely com-

prised of middle-aged and young adults. Respondents aged 

between 24-34 years accounted for 179 (49.9%) whereas 

those aged between 18-24 years were 122 amounting to 34.0%. 

These two groups collectively formed 83.8% of the respond-

ents inferring that substantive number of respondents were 

middle aged and young adults. Additionally, respondents aged 

between 35-44 years and 45-54 years were 47 and 34, consti-

tuting 13.1% and 1.9% respectively. The smallest represented 

aged groups among the respondents were those aged 55 years 

and above who were 4 (1.1%) as shown in the information in 

Table 3. 

Table 3. Distribution of Respondents by Age. 

 Frequency Percent 

Valid 

18-24 122 34.0 

25-34 179 49.9 

35-44 47 13.1 

45-54 7 1.9 

55 and above 4 1.1 

Total 359 100.0 

The higher percentage of the respondents aged between 25-

34 years reflects the demographic structure of the informal 

settlements in the urban cities in Kenya where huge percent-

age of the urban population falls within the youthful age 

bracket [17]. Analyzing the age composition of participants 

allowed the researcher to evaluate whether the data collected 

were informed by individuals who are most likely to partici-

pate in, and contribute to community-based prevention efforts. 

On religious status, Majority of the respondents identified as 

Islamic (Muslim) accounting for 274 respondents (76.3%). On 

the other hand, Christians were 71 respondents (19.8%) 

whereas Hinduism were 11 accounting for 3.1% of the total 

participants. Relatively smaller proportion, 3 participants 

(0.8%) indicated other religious affiliations as shown in the 

information in the Figure 3. 

 
Figure 3. Distribution of Respondents by Religion. 

The study showed Islamic as the dominant religion (76.6%) 

within the study area. This distribution depicts the broader de-

mographic composition of the coastal Kenya, from which the 

significant number of the residents adheres to Muslim practice. 

According to the K.N.B.S, [17] survey, Islam is a major religion 

in Mombasa County, representing about 37.3% (450,740) per-

sons of the county population. Comparatively, 19.8% of the 

Christians and other religions (3.9%) represented the minority 

groups that reflects the religious diversity within Likoni sub-

county. Further, the research findings indicate that more than 

half of the respondents were single 186 participants (51.8%). 

Comparatively, married respondents were 159 (44.3%) whereas 

divorced respondents were 10 (2.8%) compared to 4 separated 

respondents accounting for 1.1%. The information in Figure 4 

shows the distribution of respondents by marital status. 

 
Figure 4. Distribution of Respondents by Marita-Status. 

The substantial representation of married respondents (44.3%) 

provided valuable insights into the influence of community polic-

ing initiatives within marital and household contexts. The distribu-

tion of the married respondents and single respondents (44.3% 

against 51.8%) shows that the researcher captured the views of 

both the married and unmarried in the study area hence understand-

ing distinct context in which SGBV occur and relevant prevention 

measures. Conversely, the study sought to examine the education 
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levels of the respondents. The research findings indicated that ma-

jority of the respondents 87.4% had post-secondary education. This 

comprises of the 208 respondents having college education and 

106 respondents having university education constituting 57.9% 

and 29.5% respectively. Additionally, 11.4% of respondents indi-

cated having secondary education whereas 0.8% showed that they 

had primary education. Only 1 respondent had no formal education 

constituting 0.3% of the total participants. 

The level of education distribution indicates that majority 

of respondents (87.4%) were well educated inferring that they 

had positive understanding of the subject under the study and 

gave informed responses. The higher proportion of respond-

ents also implied elaborate awareness and knowledge on 

SGBV preventions hence enhanced the reliability and quality 

of data collected. The respondents were further sampled from 

across all the five wards of Likoni sub-county to reflect the 

geographical diversity of the research area. The information 

in Figure 5 shows the distribution of the targeted sample size 

per strata and the actual number of respondents who partici-

pated in the research. 

 
Figure 5. Distribution of Respondents by Administrative Ward. 

The research findings in Figure 5 indicate that Timbwani 

ward registered highest number of participants that is 144 re-

spondents (40.1%) compared to 153 targeted participants. 

This statistic reflects the population distribution of Timbwani 

ward as it is the most populous ward in Likoni sub-county ac-

counting for 38.42% for the general population of Likoni sub-

county [17]. Bofu and Mtongwe ward registered 63 and 60 

respondents accounting for 17.5% and 16.8% respectively. 

Additionally, Shika Adabu had 55 respondents (15.3%) com-

pared to the targeted respondent of 61. Likoni ward on the 

other hand, registered the lowest number of respondents with 

37 respondents participating accounting for 10.9%. Even 

though the general response rate slightly differs from the tar-

geted number, every ward indicated substantial number of 

participants enabling generalizability of the study across the 

study area. 

4.2. Inferential Analysis 

This section contains the both the diagnostic test and the 

hypothesis test results. The researcher undertook the diagnos-

tic test to first confirm the assumptions for both correlation 

and regression analysis proceeding the hypothesis test for the 

study. 

4.2.1. Diagnostic Test 

The researcher conducted a diagnostic test to ascertain that 

the correlation assumptions had been met and that the models 

estimated were reliable for making inferences. Skewness and 

kurtosis statistics were used to assess the normality of the 

study variables. The results showed that neighborhood sur-

veillance practices (skewness= -0.104, kurtosis= -0.451), and 

the prevalence of SGBV (skewness = -0.385, kurtosis= -0.213) 

had skewness and kurtosis values within acceptable limits for 

normal distribution as shown by information in Table 4. 

Table 4. Normality Test Results for Variables. 

 

N Mean Std. Deviation Skewness Kurtosis 

Statistic Statistic Statistic Statistic Std. Error Statistic Std. Error 

Neighborhood surveillance practices 359 5.8671 2.25848 -.104 .129 -.451 .257 

SGBV prevalence 359 6.3589 2.21869 -.385 .129 -.213 .257 

Valid N (listwise) 359       

Additionally, the histogram analysis revealed that the residuals were approximately bell-shaped and centered around zero 

(Mean = -1.63E-15; SD = 0.996; N = 359), indicating that the residuals were reasonably normally distributed as shown in Figure 

6. 
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Figure 6. Normality of Distribution of Variables. 

A study by Kline [19] suggested that data are approximately 

normal if skewness falls between -3 and +3 and kurtosis falls 

between -10 and +10. Similarly, Hatem et al. [15], recom-

mends that skewness and kurtosis values of ±2 are indicative 

of acceptable normality for most multivariate analyses. The 

negative skewness values observed across all variables indi-

cate a slight concentration of responses however; the magni-

tudes of these were very small and did not show any signifi-

cant deviation from normality. Conversely, a scatterplot of 

standardized residuals on standardized predicted values was 

used to check the assumption of homoscedasticity. A visual 

examination of the scatterplot showed that the residuals were 

not systematically clustered near the zero line, nor had a fun-

nel shape or curve as shown in the Figure 7. 

 
Figure 7. Homoscedasticity of Distribution of Variables. 
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Figure 8. Linearity of Distribution of Variables. 

The analysis showed that the spread of the residuals seemed 

to be fairly leveled at all levels of the predicted values. These 

observations indicate that the assumption of homoscedasticity 

was satisfied. The research further undertook a linearity test 

using a Normal P-P Plot of Regression Standardized Residu-

als. The results were as shown in the Figure 8. 

The Normal P-P Plot showed that the observed cumulative 

probabilities closely followed the expected cumulative proba-

bilities along the diagonal reference line. The results indicated 

that the residuals were not significantly different from normal 

distribution and the linear regression model met the linearity 

assumptions. The data were thus considered appropriate for 

subsequent Pearson correlation and regression analyses, and 

the estimated parameters were deemed to be reliable and sta-

tistically valid. 

4.2.2. Hypothesis Test 

The researcher examined the relationship between the com-

munity neighborhood surveillance and the prevention of 

SGBV within the study area. A 5-point Likert scale (1=SD 

Strongly Disagree, 2=D Disagree, 3=N Neutral, 4=A Agree, 

and 5=SA Strongly Agree) was used to grade the levels of 

agreements from respondents on the statements. The study 

first undertook a frequency distribution analysis to determine 

the respondent’s agreement with each research item. The re-

sults were as shown in Table 5. 

Table 5. Respondents’ Frequency Distribution on Community Policing Neighborhood Surveillance. 

Statement  SD D TD N A SA TA 

Community watch groups actively monitor hotspots 
F 8 27 35 88 186 50 236 

N% 2.2% 7.6% 9.8% 24.5% 51.8% 13.9% 65.7% 

Community watch groups regularly share safety alerts 
F 8 22 30 70 188 71 259 

N% 2.2% 6.1% 8.3% 19.5% 52.4% 19.8% 72.2% 

Information-sharing networks help identify and report 

SGBV quickly 

F 6 25 31 77 192 59 251 

N% 1.7% 7.0% 8.7% 21.4% 53.5% 16.4% 69.9% 

Residents willingly share information on prevention of 

SGBV 

F 8 28 36 76 170 77 247 

N% 2.2% 7.8% 10.0% 21.2% 47.4% 21.4% 68.8% 

 

The analysis shows that 65.7% (236) of respondents agreed 

that the Community watch groups actively monitor hotspots. 

On the other hand, only 9.8% strongly disagreed whereas 24.5% 

were neutral as presented in the data in the Table 5. The study 

findings indicate that majority respondents generally perceive 

community watch groups as actively sharing safety alerts 

within their neighborhoods. The study further sought to un-

derstand whether community watch groups regularly share 

safety alerts. The analysis shows that 72.2% of respondents 

agreed, however, 8.3% strongly disagreed and 19.5% were 

neutral as shown in Table 5. These results indicate that signif-

icant proportions (72.2%) of the respondents are aware of the 

role of communication in promoting the safety of the neigh-

borhood. Moreover, the respondents were asked whether In-

formation-sharing networks contribute to detecting and re-

porting SGBV in a timely manner within the study area. The 

findings in Table 5 showed that 69.9% of respondents agreed. 

Comparatively, 8.7% disagreed whereas only 77 respondents 
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(21.4%) remained neutral. Conversely, when questioned 

whether residents willingly share information on prevention 

of SGBV, respondents showed substantial agreement. The re-

search findings showed that 68.8% of respondents agreed. 

However, 10% of respondents expressed disagreement, while 

21.2% remained neutral as shown in Table 5. These findings 

suggest that although a significant proportion of residents 

demonstrate willingness to share information; their will is not 

uniformly distributed across the study area. 

The researcher further sought to examine whether mutual 

social control contributes to the early detection of SGBV risks. 

The study indicates that 73.0% of respondents agreed with the 

statement whereas only 7.8% of respondents disagreed and 

only 19.2% remained neutral as shown in the Table 6. 

Table 6. Frequency Distribution on Community Policing Neighborhood Surveillance. 

Statement  SD D TD N A SA TA 

Mutual social control contributes to the early detection 

of SGBV risks 

F 7 21 28 69 197 65 262 

N% 1.9% 5.9% 7.8% 19.2% 54.9% 18.1% 73.0% 

Collective community actions have reduced fear of 

SGBV 

F 5 14 19 76 192 72 264 

N% 1.4% 3.8% 5.2% 21.2% 53.5% 20.1% 73.6% 

The collaboration of residents in surveillance networks 

enhances the prevention of SGBV in my area 

F 5 21 26 70 198 65 263 

N% 1.4% 5.8% 7.2% 19.5% 55.2% 18.1% 73.3% 

 

Moreover, the researcher questioned respondents on 

whether collective community actions have reduced fear of 

SGBV within the study area, respondents demonstrated a rel-

ative equal rate of agreement. The research revealed that 73.6% 

of the respondents agreed. A lower percentage of 5.2% disa-

greed whereas 21.2% (76) were neutral. Similarly, results on 

whether the collaboration of residents in surveillance net-

works enhances the prevention of SGBV in the study area in-

dicated that 73.3% of respondents agreed while only 7.2% of 

respondents disagreed or strongly disagreed, with only 19.5% 

who remained neutral as shown in the by the information in 

Table 6. 

The study further sought to assess the extent to which 

neighborhood surveillance practices contribute to the preven-

tion of SGBV in Likoni Sub-County. The mean descriptive 

statistics presented in Table 7 indicate that the composite 

score for neighborhood surveillance practices had a mean of 

5.87 (SD = 2.26) on a 10-point rating scale. 

Table 7. Mean Descriptive Statistics on Community Neighborhood Surveillance. 

Descriptive Statistics 

 N Min Max Mean Std. D 

Neighbourhood surveillance practices 359 1.00 10.00 5.8671 2.25848 

Valid N (listwise) 359     

 

The mean score suggests that respondents generally held fa-

vorable perceptions regarding the effectiveness of neighbor-

hood surveillance practices, such as community watch groups, 

information-sharing networks, mutual social control, and col-

lective community actions, in supporting SGBV prevention 

efforts. A standard deviation of 2.26 indicated a moderate var-

iation in individuals' perceptions, suggesting some variation 

in experience and perceptions across the sample of respond-

ents. 

To further examine and understand the relationship be-

tween community policing neighborhood surveillance strate-

gies and the prevention of SGBV, the researcher conducted a 

Pearson correlation analysis and the results were as shown in 

the Table 8. 
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Table 8. Correlation Between Community Policing Neighborhood Surveillance and the Prevention of SGBV. 

Correlationsb 

 SGBV prevalence Neighborhood surveillance practices 

SGBV prevalence 
Pearson Correlation 1 .803** 

Sig. (2-tailed)  .000 

Neighbourhood surveillance practices 

Pearson Correlation .803** 1 

Sig. (2-tailed) .000  

**. Correlation is significant at the 0.01 level (2-tailed). 

b. Listwise N=359 

The results showed a positive strong and statistically signif-

icant relationship between neighborhood surveillance prac-

tices and SGBV prevalence (r=.803, p <.001, n=359). The cor-

relation coefficient of 0.803 shows that the two variables were 

highly correlated, meaning that better neighborhood surveil-

lance practices is associated with better SGBV prevention out-

comes in the study area. Since the p-value (0.01) was below 

the significance level, the null hypothesis of no significant re-

lationship was rejected. Therefore, the findings demonstrate 

that neighborhood surveillance practices have a significant re-

lationship with the prevention of SGBV within the study area. 

Moreover, the correlation confidence level analysis confirmed 

the relation between the variables as indicated in the Table 9. 

Table 9. Regression Coefficient Community Policing Neighborhood Surveillance. 

Confidence Intervals 

 Pearson Correlation Sig. (2-tailed) 

95% Confidence Intervals (2-tailed) a 

Lower Upper 

SGBV Prevalence - Neighbourhood surveillance 

practices 
.803 .000 .763 .837 

a. Estimation is based on Fisher's r-to-z transformation. 

The 95% confidence interval for the correlation coefficient 

ranged from 0.763 to 0.837, indicating a high degree of preci-

sion in the estimated relationship. Since the confidence inter-

val did not include zero, the correlation was statistically sig-

nificant and unlikely to have occurred by chance. To further 

examine the predictive effect of neighborhood surveillance on 

SGBV outcomes, a simple linear regression analysis was con-

ducted. The information in the Table 10 shows the model sum-

mary of the regression analysis. 

Table 10. Regression Model Summary on the Community Neighborhood Surveillance. 

Model Summaryb 

Model R R Square Adjusted R Square Std. Error of the Estimate 

1 .803a .644 .643 1.32496 

a. Predictors: (Constant), Neighbourhood surveillance practices 

b. Dependent Variable: SGBV prevalence 
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The model results in Table 10 show that neighborhood sur-

veillance practices and prevalence of SGBV are positively as-

sociated, with a correlation of R=.803. The coefficient of de-

termination (R2 =.644) indicated that neighborhood surveil-

lance practices explained 64.4% of the variation in SGBV 

prevalence. The adjusted R2 value of .643 suggests that the 

model retained substantial explanatory power on the predic-

tors. Conversely, the regression coefficients results indicated 

that neighborhood surveillance practices significantly pre-

dicted SGBV prevalence (B=0.789, β=0.803, t=25.433, 

p<.001) as indicated in Table 11. 

Table 11. Regression Coefficients Community Neighborhood Surveillance. 

Coefficientsa 

Model 

Unstandardized Coeffi-

cients 

Standardized Coeffi-

cients 
t Sig. 

95.0% Confidence Interval 

for B 

B Std. Error Beta Lower Bound Upper Bound 

1 

(Constant) 1.732 .195  8.888 .000 1.349 2.116 

Neighbourhood surveillance 

practices 
.789 .031 .803 25.433 .000 .728 .850 

a. Dependent Variable: SGBV Prevalence 

The coefficient result indicates that a one-unit rise in neigh-

borhood surveillance practices was linked to a 0.789-unit rise 

in the SGBV prevalence score. The standardized coefficient 

(β=0.803) demonstrates a strong positive effect of neighbor-

hood surveillance practices on SGBV prevalence. Further, the 

researcher undertook the ANOVA analysis and the results in-

dicated that the regression model predicting SGBV prevalence 

from neighborhood surveillance practices was statistically sig-

nificant, F (1, 357) =646.855, p<.001 as indicated by infor-

mation in Table 12. 

Table 12. ANOVA Analysis Results Community Neighborhood Surveillance. 

ANOVAa 

Model Sum of Squares df Mean Square F Sig. 

1 

Regression 1135.562 1 1135.562 646.855 .000b 

Residual 626.718 357 1.756   

Total 1762.279 358    

a. Dependent Variable: SGBV Prevalence 

b. Predictors: (Constant), Neighborhood Surveillance Practices 

The regression model accounted for a regression sum of 

squares of 1135.562, while the residual sum of squares was 

626.718, yielding a total sum of squares of 1762.279. The sta-

tistically significant F-statistic demonstrates that neighbor-

hood surveillance practices significantly predict variations in 

SGBV prevalence among the respondents. The p value (0.001) 

was lower than the usual significance level, 0.05, and the null 

hypothesis that neighborhood surveillance practices have no 

significant relationship with SGBV prevalence was rejected. 

5. Discussion 

These findings have far-reaching implications in the dy-

namics of SGBV prevention. Community policing heavily re-

lies on information dissemination which boosts awareness, 

preparedness and timely response to possible threats. These 

results are consistent with the findings of Dlamini et al. [10], 
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who found that although the collaborative data-sharing mech-

anisms contribute to the detection and mitigation of threats to 

a high degree, their effectiveness largely depends on the foun-

dation of healthy trust frameworks, technological collabora-

tion, and well-defined legal agreements. Comparatively, 

Ezeaka & Bartholomew [11] maintained that effective com-

munication strategies are key to preventing GBV and support-

ing survivors. This infers that strengthening ethical media re-

porting, and promoting community-based awareness pro-

grams assist the community in developing effective mitigation 

measures. The findings of the current study allude that estab-

lished community neighborhood surveillance and vigilante 

groups significantly contribute to crime prevention in infor-

mal settings through localized monitoring and intelligence 

sharing. That collective efficacy in the sharing of safety alerts 

enhances the capacity of community members to collaborate 

in order to deliver on shared objectives like preventing crime. 

Consequently, neighborhood surveillance in hotspots leads to 

a substantial reduction in violent crimes, including gender-

based violence. 

Timely reporting is essential in preventing escalation, en-

suring victim support, and facilitating justice processes. This 

implies that information sharing within communities can be 

used to increase evidence-based interventions and better out-

comes in management of crime. When communities are inter-

connected through information networks, they become more 

vigilant and responsive, thereby reducing opportunities for 

SGBV. However, factors such as fear of retaliation, stigma, 

and lack of confidentiality may hinder participation. These as-

sertions reflect the results of the study undertaken by 

Woldearegay et al. [32], who noted that the factors that im-

peded successful response were entrenched socio-cultural 

stigma, poor legal frameworks, health system disintegration, 

insecurity, lack of awareness, and knowledge. This means that 

willingness to share information represents the backbone of 

effective community policing and neighborhood surveillance 

systems. In contrast to structural interventions like patrols or 

surveillance technologies, information sharing is intrinsically 

reliant upon human agency, trust and social bonding. 

Awoyemi, et al. [4], underscored the importance of co-pro-

duced safety solutions in creating sustainable urban environ-

ments. The study implied that evidence-based policing is re-

inforced through the successful community involvement in in-

formation sharing and enhances the crime detection and pre-

vention performance. The desire of residents to exchange in-

formation increases the existence of effective guardians in the 

community. Information is a surveillance device and makes 

the potential offenders feel more threatened and consequently 

discourages crime. 

Unlike formal policing structures, mutual social control op-

erates through everyday interactions, shared norms, and col-

lective vigilance. The higher agreement rate among respond-

ents indicates that residents of Likoni Sub-County possess a 

degree of social cohesion that enables them to monitor and 

regulate behavior. This infers that maintaining order at the mi-

cro-level discourages more serious crimes. In this regard, by 

community members closely monitoring behavior and inter-

vening in situations that could deteriorate to SGBV, they are 

creating a condition that dissuades deviance. Additionally, 

while the reciprocity of social control increases guardianship 

and minimizes crime opportunities, it may also be influenced 

by prevailing cultural norms that either support or undermine 

gender equality. This implies that, social control can reinforce 

abusive behaviors or deter victims to report abuse as a result 

of being stigmatized or feeling ostracized. The findings under-

score the importance of mutual social control as a cornerstone 

of neighborhood surveillance; however, even though, it sig-

nificantly contributes to early detection of SGBV risks, its ef-

fectiveness depends on the nature of the norms it enforces. 

Strengthening positive social norms while addressing harmful 

cultural practices will enhance its role in preventing SGBV. 

The findings were further supported by the insights from 

key informants. According to key informant KI-08 “Neigh-

bors are more attentive to unusual behavior, conflicts, and 

distress within themselves, and they are increasingly willing 

to intervene or alert authorities. This kind of informal moni-

toring is especially important in areas where police can’t 

reach quickly. But it is it can sometimes be biased, depending 

on relationships and family dynamics within the community.” 

This means that Cultural norms, and concerns about social 

stigma still discourage some individuals from engaging fully. 

Specifically, women and youth may occasionally be unwilling 

to participate hence restricting the overall effectiveness of the 

community-based interventions. 

The results support the assertions by Gracia, et al. [14], who 

reported that in neighborhoods low in social cohesion, the rel-

ative risk of IPV was greater than the city average. The study 

noted that, social cohesion emerged as a neighborhood-level 

protective factor for IPV risk. Similarly, Mabeyo [22] empha-

sized that social workers should think and act in a culturally 

sensitive and reflective manner in designing gender-based in-

terventions by clarifying what norms are acceptable and what 

norms can be abandoned. These studies reinforce the argu-

ment that social cohesion is a critical determinant of safety in 

informal environments. According to Broken Windows The-

ory, maintaining order at the micro-level discourages more se-

rious crimes. These imply that, as long as community mem-

bers closely observe the behavior and intervene in circum-

stances that can lead to SGBV; they will develop an environ-

ment that deters deviance. 

One informant KI-05 emphasized that “community surveil-

lance has become more visible and intentional in monitoring 

hotspots, and in areas where they are active, there is a noticea-

ble deterrent effect.” This is indicative of the situational effect 

of surveillance which is in line with Routine Activity Theory. 

The theory assumes that the availability of effective guardians 

can prevent crime. However, the same informant noted that 

“such effectiveness is not uniform across all areas, pointing to 
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spatial and operational inconsistencies”. This imbalance is es-

sential in determining why strategies might not be able to en-

compass local successes. Similarly, another key informant KI-

10 observed that “information sharing within the community 

has improved considerably, and residents are more alert and 

responsive to safety concerns.” These reflects the descriptive 

results in which most respondents indicated that safety alerts 

and communication networks are active and working. The re-

sults are conversely supported empirically by the works of Lon-

ginus, [20] who recommended the use of community and social 

intelligence to identify and reveal social interactions, group be-

haviors, and community dynamics and technology to map and 

analyze crime. The study maintained that, effective crime de-

tection and prevention require information and intelligence 

sharing, with community intelligence playing a vital role in 

identifying and understanding criminal groups and behaviors. 

While residents generally expressed willingness to share in-

formation, key informants highlighted persistent barriers such 

as cultural norms. According to one of the informants KI-03, 

“…this willingness is not universal, and some people are re-

luctant because of fear and social stigmatization”. This in-

sight is consistent with results of the study by Adams et al. [1], 

who highlighted the necessity of collaborative efforts involv-

ing governmental agencies, non- governmental organizations, 

and international bodies to effectively address GBV. Moreo-

ver, the findings suggest that neighborhood surveillance is 

particularly effective in influencing behavioral and perceptual 

dimensions of SGBV prevention. A key informant KI-09 cor-

roborated this by stating that “there is a growing culture of 

speaking out, and community members are more willing to re-

port incidents than before.” This shift is significant, as in-

creased reporting often reflects improved trust and reduced 

stigma, even if it does not immediately translate into reduced 

prevalence. This observation aligns with the results of Jiang, 

et al. [16], who revealed that community-based interventions 

are most effective to change attitudes and behaviors but might 

take extended periods of time to change real incidence rates of 

violence. Similarly, Ogunbambi, [24] argues that there is a 

moderate positive relationship between perceptions of tradi-

tional institutions and feelings of safety, suggesting that indi-

viduals who feel safer are more likely to trust these institu-

tions' effectiveness in addressing GBV. 

5.1. Summary and Conclusion 

The study sought to examine the relationship between com-

munity policing neighborhood surveillance strategies and 

SGBV prevention. The results showed a positive and statisti-

cally significant correlation between neighborhood surveil-

lance practices and SGBV prevention. The regression model 

produced a correlation coefficient of R=0.803, indicating a 

strong association between the predictor and the outcome var-

iable. Further, neighborhood surveillance practices accounted 

for 64.4% of the variance in SGBV prevalence (R2=0.644), 

which indicates significant predictive ability. The regression 

analysis further showed that neighborhood surveillance prac-

tices significantly influenced SGBV prevalence (β=0.803, 

B=0.789, t=25.433, p < 0.001). 

The findings indicated high level of agreement among the re-

spondents in relation to the effectiveness of community watch 

groups, information sharing networks, mutual social control 

and collective community action in preventing SGBV. The 

findings infer that improving neighborhood surveillance mech-

anism could be an effective approach for enhancing commu-

nity-based prevention and response to SGBV in informal settle-

ments. Neighborhood surveillance strategies have been proved 

to be valuable in improving awareness and social cohesion, and 

have a direct statistically significant effect on SGBV prevention. 

However, surveillance cannot be used alone and should be com-

bined with other interventions including awareness campaigns, 

institutional support, and community policing patrols. 

5.2. Recommendation and Suggestion for 

Future Study 

Based on the findings and conclusions of the study, the fol-

lowing recommendations are proposed: 

1) Institutionalize Joint Campaign Programs: Government 

agencies should formalize and scale up joint community-

police campaigns as a core strategy for SGBV preven-

tion, given their high impact. 

2) Future research should examine the role of the digital 

community policing platforms and the technology-

driven reporting platforms (e.g., mobile apps, anony-

mous digital reporting systems, social media networks, 

and community policing groups on WhatsApp) in the 

prevention of SGBV in informal settlements. 
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