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Abstract

Organizations operating under fragile contexts often struggle to uphold data quality standards due to insecurity, institutional
fragmentation, and limited field access. The COVID-19 pandemic intensified these constraints. It suspended the possibility of
direct verification and posed critical questions about the integrity of performance oversight. This research investigates whether
remote Data Quality Assessments (DQAS) preserved accountability and verification rigor during this period of operational stress.
The research adopts a qualitative case study design and analyzes the remote DQA model implemented across the USAID
Somalia portfolio in 2020. The analysis relies on reporting documents, standardized templates, verification protocols, and
technical feedback archives to evaluate performance across five data quality dimensions and examine the remote DQA process. It
references peer-reviewed studies, donor publications, and evaluation reports from Somalia and similar fragile settings to support
contextual interpretation and enable cross-case insight. The research applies thematic content analysis and triangulated document
review to assess institutional behavior and the resilience of monitoring systems under constraint. The findings confirm that
remote DQAS enabled continuity of oversight and preserved structured verification logic. However, performance in institutional
adaptation varied. The research reveals that remote models depend heavily on partner capacity and documentation clarity.
Coordination between implementing partners and sub-implementing partners emerged as a strategic determinant of remote
verification success. While remote DQAs allowed accountability in non-permissive settings, they could not replicate the
contextual depth and diagnostic precision of field-based assessments. The absence of observational evidence hindered the
detection of informal practices and constrained verification confidence. The research concludes that remote verification models
offer a viable response to operational disruption, but they cannot substitute for the comprehensiveness of hybrid approaches.
Hybrid models that combine remote reviews with targeted field visits, once embedded within institutional frameworks, offer a
strategic path to reinforce system resilience in fragile and constrained settings. Somalia’s experience highlights the need for
donors and implementing partners to institutionalize adaptive oversight mechanisms capable of maintaining data quality under
fragility and stress.
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1. Introduction

1.1. Significance of the Research

Development organizations depend on credible data to
ensure program accountability, transparency, and respon-
siveness. In fragile settings, this imperative becomes more
critical and more difficult to achieve. This research contrib-
utes to the global conversation on sustaining data oversight
when traditional mechanisms fail. The investigation derives
its relevance from the emphasis on institutional practices
rather than technical routines. It introduces new perspectives
for decision-makers who aim to uphold verification standards
amid fragility and operational constraints.

Donors and Implementing Partners (IPs) face persistent
dilemmas when external shocks disrupt standard monitoring.
The COVID-19 pandemic challenged verification models
across regions, and Somalia offers a telling example. The
country’s security environment and mobility restrictions
during the period 2020 to 2021 required the United States
Agency for International Development (USAID) to transition
from in-person Data Quality Assessment (DQA). USAID
moved to a fully remote model. This shift imposed new de-
mands on internal systems and accountability mechanisms. It
also intro-duced knowledge gaps in understanding how veri-
fication can occur without physical access. Hilhorst and Mena
empha-size this concern in their analysis of governance dur-
ing crises [1].

The research emphasized that institutional behavior, not
technological substitution, determined the capacity to uphold
Monitoring, Evaluation, and Learning (MEL) standards. This
approach addresses concerns Hur Hassnain and Simona
Somma mentioned, who argue that institutional coherence,
not just tools, defines MEL system performance in fragile
contexts [2]. USAID Somalia’s case provides a structured
opportunity to examine these dynamics and inform policy
dialogue across similarly constrained development environ-
ments.

Program staff, technical advisers, and policymakers often
call for scalable monitoring systems that function across
settings. The relevance of this research lies in its capacity to
extract lessons from real-world implementation. It moves
beyond abstract policy guidance. Remote data collection,
virtual engagement, and structured templates have become
common strategies, yet there remains limited empirical evi-
dence on how these elements interact under duress. This
research offers decision-relevant insights into the operational
conditions, capacities, and institutional logics that shape MEL
effectiveness.

In particular, donor institutions increasingly seek models
that reinforce accountability without increasing risk. As
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digital tools become embedded in MEL strategies, the re-
search underscores the need to understand how these tools
perform when institutions must rely on internal verification
logic. The evidence generated supports broader discussions
on adaptive MEL systems, public sector resilience, and re-
mote governance mechanisms. Rodo et al. demonstrated
similar findings in health and nutrition programs, where
organizational adaptation ensured monitoring efficacy under
pressure [3].

The research serves as a resource for stakeholders engaged
in reforming data assurance in fragile states. The focus on
institutional adaptation, rather than procedural substitution,
aligns with global priorities for more context-sensitive and
sustainable oversight models. Kelly et al. emphasized the
need for agile protocols in MEL under disruptions [4]. USAID
Somalia’s case illustrates that capacity to interpret and apply
verification logic can stabilize accountability even under
mobility constraints. As Ba argued that the effectiveness of
MEL systems depends on their resilience, responsiveness,
consistency, and clarity in attributing performance [5].
Okhmatovskiy and David highlighted that in high-risk envi-
ronments, success depends less on external evaluation and
more on internal systems that align incentives, guidance, and
compliance [6].

1.2. Scientific Value

MEL systems serve as strategic tools for performance ac-
countability in development programming. In fragile settings,
this function becomes essential as institutions operate under
limited visibility and intermittent access. This research ex-
amines how internal verification mechanisms responded to
operational constraints. It also assesses whether standardized
procedures were sufficient to maintain data quality without
physical deployment. The USAID Somalia 2020 DQA case
offers empirical insight into institutional adaptation under
systemic stress.

In 2020, USAID Somalia’s shift to remote DQAs required
IPs to align internal workflows with pre-defined verification
logic. The Mission upheld the quality standards outlined in the
Automated Directives System (ADS 201), USAID’s opera-
tional policy for the program cycle. The standards comprise
validity, reliability, integrity, precision, and timeliness [7]
(Table 1). Responsibility for enforcement shifted to institu-
tional processes. Field visits gave way to structured virtual
sessions, template-based documentation, and systematic
responses to technical queries. Organizational capacity be-
came the primary determinant of verification success.
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Table 1. USAID Data Quality Standards (Automated Directives System -ADS- 201, Version 2020).

Standard Definition
Validity stated indicator or outcome.
Integrity
Precision . .

and excessive granularity.
Reliability bilty.
Timeliness

cesses.

Some partners internalized DQA requirements, applied
audit trails, and produced traceable documentation. Others
failed to meet indicator logic standards despite using identical
formats. These contrasts affirm White et al.’s assertion that
institutional asymmetry shapes MEL performance in fragile
contexts [8]. As Kabonga explained, the effectiveness of
verification mechanisms depends on documentation logic and
procedural discipline rather than on digital tools [9].

Silva et al. argued that fragility compounds institutional
strain [10]. Yet the Somalia case revealed instances of adap-
tive reinforcement. Several organizations streamlined internal
review cycles, linked source data to indicators, and shifted
from reactive to anticipatory responses. Hur Hassnain and
Simono Somma associated such transformations with MEL
system resilience [2]. These observations show structured
adaptation under duress, not improvisation.

Learning processes embedded within verification cycles
shaped the operational trajectory. Canter and Atkinson de-
fined adaptive systems as those capable of incorporating
feedback through deliberate reflection [11]. USAID’s itera-
tive remote DQA structure allowed partners to integrate
corrections. They refined templates and aligned with indicator
expectations over time. Ba described MEL effectiveness as a
function of clarity, role coherence, and iterative engagement
[5]—=each of which emerged in Somalia through structured
exchanges rather than isolated audits.

The use of Customer Relationship Management
(CRM)-like templates and structured documentation flows, as
emphasized by Albrecht, proved effective in enhancing in-
ternal verification logic [12]. Partners who maintained version
control, document references, and indicator alignment deliv-
ered higher quality assurance. Stvilia et al. (2021) stressed
that digital oversight only functions where institutions pre-
serve procedural traceability and safeguard data from distor-
tion [13]. These conditions held across Somalia’s most effec-
tive DQA implementations.

The research also aligns with recent recommendations to
design hybrid DQA systems that integrate remote and in-person
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Data must clearly and adequately represent the intended result, ensuring that what is measured aligns directly with the

Safeguards must be in place to minimize risks of bias, transcription errors, or intentional manipulation of the data.

Data must possess sufficient detail to support sound and informed management decisions, avoiding both overgeneralization

Data collection and analysis processes must remain stable and consistent over time to ensure comparability and reproduci-

Data must be available at a frequency and currency that allows it to influence timely and effective decision-making pro-

components [14, 15]. Although the Somalia case remained
exclusively remote due to the pandemic, it identified several
principles critical for hybrid models. Key elements include
pre-engagement preparation, standardized indicator definitions,
secure communication infrastructure, and anticipatory guid-
ance. Although often treated as theoretical, the USAID Somalia
experience translated them into operational practice.

Cai and Zhu emphasized accuracy and completeness as es-
sential to data assurance in digital environments [16]. In So-
malia, remote DQA processes succeeded through partner
adherence to three conditions: alignment of reported data with
source documentation, precise application of indicator attribu-
tion, and consistent data aggregation. These verification pat-
terns provided technical confidence in the absence of site visits.

Findings from Carment et al. (2022) show MEL system de-
terioration across other Fragile and Conflict-Affected States
(FCAS) [17]. Somalia diverged from that pattern. Most of the
partners treated remote sessions not as a substitute but as an
accountability mechanism. Follow-up reports improved in
many cases. Documentation became more structured. Ebrahim
et al. highlighted MEL system fragility under COVID-19 [18].
Somalia’s DQA response reflected procedural alignment and
mission-level coordination. It demonstrated institutional
steadiness despite external volatility.

The scientific value of this research lies in the assessment
of procedural responses, the analysis of institutional variation,
and the alignment of observed practices with resilience theory.
The research moves beyond assumptions to examine actual
behavior under operational pressure. It clarifies how MEL
systems maintain verification integrity when conventional
oversight mechanisms do not function.

1.3. Research Aim and Questions

This research investigates the institutional mechanisms,
procedural safeguards, and technical routines that enabled
USAID Somalia to sustain performance verification when
conventional oversight collapsed. It focuses on how remote
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DQA protocols operated under severe constraints and evalu-
ates whether structured internal systems can uphold data
accountability in fragile environments. Rather than appraising
the protocol alone, the research examines the conditions under
which remote approaches delivered credible results and sup-
ported institutional learning.

This investigation fills conceptual and operational gaps in
the MEL literature through empirical analysis of how verifi-
cation standards remain effective under constrained condi-
tions. It also examines whether IPs adapted successfully. It
identifies lessons that can inform the development of future
verification systems. The findings aim to inform the design of
more resilient oversight models that maintain performance
logic even under conditions of fragility and resource scarcity.

The research is guided by the following five questions:

(1) To what extent did remote DQA processes uphold data
quality standards in the absence of field verification?

(2) How did IPs adjust internal workflows to meet per-
formance verification requirements?

(3) What procedural and organizational factors enabled or
constrained MEL effectiveness under remote condi-
tions?

(4) What evidence of learning and system adaptation
emerged during repeated remote DQA sessions?

(5) How applicable is the Somalia remote DQA model to
other fragile contexts?

These questions frame the research around institutional
behavior, verification discipline, and adaptive learning. The
goal is not only to assess a single case. It also seeks to draw
broader conclusions on how data accountability can persist
when conventional systems fail. The research contributes to
ongoing debates about the future of MEL in high-risk and
fragile settings during periods of operational shocks.

2. Literature Review

Conceptual Framework

Valid, reliable,
integer,
precise, and
timely data

Evidence-based
decision-making
Adaptive
Management

Stakeholder

Remote or hybrid

engagement
Effective DQA models
Monitoring, Digital tools

evaluation, and Capacity-building

learning

Figure 1. Conceptual framework: data quality, MEL systems, and
adaptive management in fragile contexts — Authors.
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This research adopts a multi-dimensional framework that
integrates institutional theory, adaptive management, and
MEL system resilience to explain how accountability mech-
anisms remain functional in the absence of field-based over-
sight (Figure 1). In fragile settings, performance monitoring
often depends less on physical verification and more on
procedural integrity, internal coherence, and structured en-
gagement. These elements underpin a resilient MEL archi-
tecture that can operate under constraints.

Institutional theory emphasizes the role of rule-based rou-
tines and standardized roles in ensuring consistency and
reliability. According to Cai and Zhu, data governance
frameworks gain robustness when institutional logic supports
traceability, structured workflows, and transparent aggrega-
tion protocols [19]. In the context of remote DQA, this per-
spective highlights the extent to which organizational systems,
not individual actions, sustain performance oversight. The
research evaluates how USAID Somalia’s internal mecha-
nisms substituted for traditional supervisory modalities. It
assesses whether they maintained compliance with indicator
definitions and reporting standards.

Procedural alignment across IPs served as a key dimension.
Batini et al. identified documentation logic and source con-
sistency as prerequisites for meaningful verification [19]. The
research framework applies the concept to assess whether
partner organizations in Somalia structured performance data
around consistent attribution. It examines version control and
indicator alignment as core elements. Together, they establish
the operational baseline for assessing data validity, integrity,
precision, reliability, and timeliness, which are fundamental
criteria under the USAID ADS 201 standards.

Adaptive management provides a second pillar for the
conceptual framework. Rather than viewing oversight as a
static process, adaptive systems evolve through feedback
cycles, iterative correction, and reflection on performance
gaps. Dutra et al. underscored that feedback mechanisms
enhance system responsiveness and allow institutions to
integrate learning over time [20]. In Somalia, remote DQAS
acted as embedded checkpoints that allowed partners to adjust
their documentation protocols. They also aligned internal
monitoring systems with programmatic expectations. This
adaptive logic helped create continuity in oversight despite
mobility restrictions.

Woodall et al. further affirmed that hybrid data quality
frameworks, which combine manual review with standardized
scoring protocols, are more likely to ensure consistency
across time and settings [21]. The framework applied in this
research tests that proposition. It analyzes how USAID part-
ners in Somalia institutionalized DQA templates, feedback
forms, and reporting matrices. It treats these tools not as static
instruments, but as dynamic components of a learning eco-
system.

Stakeholder engagement theory also contributes to the
framework. Al-Qadi demonstrated that participatory verifi-
cation models support compliance and foster shared ac-
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countability, particularly in digitally constrained environ-
ments [15]. Within this research, virtual DQA sessions served
as arenas for technical exchange, evidence submission, and
clarification of indicator logic. This interaction ensured that
performance dialogue occurred within a structured setting,
aligned with predefined roles and supported by verifiable
documentation.

From a systems design perspective, Kim et al. proposed
that organizational maturity influences the reliability of In-
ternet of Things (loT) data workflows [22]. Although not
based in the development sector, their findings apply to re-
mote MEL environments. In these contexts, system maturity
determines whether tools yield credible outputs. The frame-
work extends this logic to assess whether USAID’s IPs
demonstrated maturity through procedural discipline and
responsiveness during remote engagements.

Finally, the research framework incorporates performance
resilience as a cross-cutting criterion. Saleh and Karia ad-
vanced a definition of MEL maturity that includes institu-
tional coordination, accountability infrastructure, and the
application of feedback [23]. These elements are used in this
research to interpret the variation in DQA outcomes across
USAID Somalia partners. Rather than attribute success to
digital platforms, the analysis centers institutional behavior. It
emphasizes internal verification capacity and role clarity as
the explanatory variables.

3. Materials and Methods

3.1. Research Design

This research applies a qualitative case study design to
examine how remote DQA processes operate under opera-
tional constraints. The case study framework enables detailed
and context-sensitive analysis of institutional responses to
remote oversight in fragile environments. Yin confirms that
case studies offer a rigorous means to investigate real-life
phenomena within bounded systems, particularly when con-
textual and procedural boundaries appear blurred [24]. This
design aligns with the research objective, which aims to
produce empirical evidence on institutional behavior and
adaptive performance verification in Somalia during the
COVID-19 crisis.

The research adopts an interpretivist stance and posits that
institutional adaptation and accountability result from em-
bedded organizational routines shaped through local contexts,
rather than through the application of standardized technical

tools alone [25]. This perspective reflects the need to treat
verification not as a procedural formality, but as an evolving
system influenced by technical arrangements, interpersonal
relations, and structural constraints [26]. Al-Qadi stresses that
research in fragile settings must address complex, decentral-
ized decision-making dynamics [15]. This case study design
offers the appropriate lens. It traces accountability mecha-
nisms through multiple layers of institutional engagement and
constraint.

The analytical plan corresponds directly to the research
questions. Institutional review and process tracing address
documentation logic and internal system coherence [27].
Stakeholder interactions reveal how learning occurs across
remote DQA sessions. Document-based changes provide
insight into the procedural adaptation of IPs. Armstrong
supports the use of document analysis for inquiries that in-
volve standardized templates and iterative reporting structures
[28]. Morgan and Wood, along with Sebar et al., further
confirm the validity of document-based approaches. Such
methods are appropriate for assessing institutional behavior in
contexts with limited field access [29, 30].

Aligned with Ba, who defined MEL system effectiveness
through embedded feedback and adaptation mechanisms, this
design emphasizes explanatory depth over procedural measure-
ment [5]. The aim is to understand how USAID Somalia’s remote
verification model functioned under limited access. It also seeks to
identify institutional variation in adaptation and draw broader
lessons for MEL resilience. The methodology integrates retro-
spective documentation, verification reports, and technical memos
to generate structural and behavioral insights.

Strategic triangulation strengthens the analytical frame-
work. The research integrates program reports, Activity
Monitoring Evaluation and Learning (AMEL) Plans, verifi-
cation matrices, and DQA templates to ensure consistency
and reinforce validation [31, 32]. This multi-source design
reflects the recommendation from Pianese et al. for robust
empirical research. It clarifies how remote accountability can
function without physical presence [33]. Cho and Lee also
affirm the importance of linking thematic and pattern-based
approaches to increase analytical coherence in case-based
research [34].

To ensure full alignment with the research questions, Table
2 shows the mapping of each question to its corresponding
analytical lens. This structured approach enhances transpar-
ency. It enables focused inquiry into the interplay between
institutional behavior, adaptive processes, and the operational
logic of remote MEL systems.

Table 2. Research design matrix.

Research questions Data sources

1. To what extent did remote DQA
processes uphold data quality standards

DQA reports, indicator
reference sheets,
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Methods and analytical focus

Qualitative case synthesis and structured analysis of DQA
protocols, including benchmarking reported data against
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Research questions

in the absence of field verification?

2. How did IPs adjust internal work-
flows to meet performance verification
requirements?

3. What procedural and organizational
factors enabled or constrained MEL
effectiveness under remote conditions?

4. What evidence of learning and system
adaptation emerged during repeated
remote DQA cycles?

5. How applicable is the Somalia remote
DQA model to other fragile contexts?

3.2. Data Collection

This research draws on a structured sequence of primary
and secondary data sources aligned with the USAID Somalia

Data sources

documentation templates

Partner submissions, commu-
nications, and technical notes

Internal Standard Operating
Procedures (SOPs), technical
memos, verification summaries

Sequential DQA documenta-
tion, internal feedback, capaci-
ty-building records

Donor strategy documents,
global MEL reports,
USAID/UN/World Bank pub-
lications

Methods and analytical focus

USAID ADS 201 standards (validity, reliability, precision,
timeliness, integrity), with structured document coding.

Thematic analysis of internal partner records and docu-
mentation systems, focused on adaptations to workflows
and alignment with data quality logic, process flow map-
ping and content coding.

Pattern tracing and indicator quality standard-linked docu-
ment review, comparative matrix analysis of enabling and
constraining variables, and triangulation across cases.

Content analysis of technical memos and response matri-
ces, applied through process tracing across cycles to cap-
ture documentation improvement and institutional learning.

Comparative synthesis and strategic distillation using sec-
ondary literature, designed to assess generalizability, con-
textual coherence, and operational relevance in similar
fragile environments.

programmatic documentation, virtual engagements, and
institutional records to trace verification logic, data flow, and
adaptive behavior across IPs. Each step of the remote DQA

remote DQA protocol. The approach strategically integrates

process—outlined in Table 3—corresponds to a distinct layer
of empirical material.

Table 3. Steps of the remote DQA process and corresponding data sources.

Step Description
Step 0 Preparation

Desk review and tool finali-
Step 1 .

zation

Sensitization of USAID
Step 2 staff
Step 3 Central-level verification
Step 4 | _ntermedlary-level verifica-

tion
Step 5 Primary-level verification
Step 6 Analysis and dissemination
Step 7 Final DQA report

Primary data include documents IPs submitted through the
DQA workflow: Performance Indicator Reference Sheets
(PIRS), performance reports, structured templates, and tech-

Primary Data Sources

Notification letters, indicator selection documents

Activity Monitoring, Evaluation, and Learning
(AMEL) Plans, DQA tools, Indicator Performance

Tracking Table (IPTTs)

Training materials, participation rosters

Data systems, Performance Plan Report (PPR)

submissions

Aggregation tools, submission records

Source documents, disaggregated logs
Workshop summaries, preliminary findings memos

Consolidated DQA report, correction trackers

Secondary Data Sources

MEL policy briefs, remote monitoring
guidelines

Donor evaluation standards, literature
on data verification

Reports on stakeholder engagement

USAID ADS 201 documentation, com-
parative DQA reports

Electronic system reviews

Global studies on verification logic
Cross-case MEL learning resources

Program-level data quality benchmarks

nical clarification exchanges. These records allow the inves-
tigation to trace how performance indicators were interpreted,
how evidence was organized, and how discrepancies were

320


http://www.sciencepg.com/journal/ss

Social Sciences

http://www.sciencepg.com/journal/ss

resolved across the verification tiers. Consistent with Bowen,
qualitative document analysis supports the exploration of
procedural coherence. It also reveals internal accountability in
the absence of physical supervision [31].

Structured engagement summaries from remote sensitiza-
tion sessions, partner feedback workshops, and correspond-
ences provide additional layers of interpretive data. These
documents clarify how verification standards were internal-
ized and how institutional routines evolved in response. As
Armstrong noted, triangulated document-based analysis
remains essential when field access is constrained. [28].

Secondary sources expanded the evidence base. The re-
search included peer-reviewed studies, donor publications,
and evaluation reports relevant to Somalia and other fragile
contexts. The selection process targeted documents published
between 2018 and 2020. This timeframe ensures alignment
with recent experiences of remote MEL adaptation under
operational stress. The research appraised these sources by
assessing methodological rigor, contextual relevance, and
analytical consistency. This process allowed the identification
of documents that provided empirical grounding. It also
enabled comparative insight into verification challenges and
MEL system performance in fragile environments. Key ref-
erences such as United Nations Development Programme
(UNDP) contributed to cross-case validation [35]. They
enriched the contextual interpretation of the Somalia experi-
ence within global accountability debates.

3.3. Data Analysis

The data analysis approach adopted in this research sup-
ports the objective of evaluating the resilience and effective-
ness of MEL systems under conditions of operational con-
straint. The strategy integrates thematic coding, case-based
synthesis, and structured benchmarking to align findings with

the overarching research questions and conceptual framework.

The analysis draws from both USAID ADS 201 data quality
dimensions and theoretical constructs on institutional adapta-
tion, learning, and procedural coherence [5, 19, 34].

Primary data, including remote DQA protocols, partner
documentation, technical feedback memos, and indica-
tor-linked verification matrices, formed the basis for a quali-
tative case study synthesis. Benchmarking techniques as-
sessed data against core ADS 201 standards: validity, relia-
bility, precision, timeliness, and integrity [7]. This ensured
consistency with global monitoring norms. It also adapted
analytical logic to Somalia’s remote oversight environment.

Thematic analysis was applied to partners’ internal work-
flows and documentation to identify patterns of institutional
adaptation. This included mapping submission cycles and
feedback loops. It also examined procedural alignment be-
tween internal systems and verification logic. Structured
content from templates and DQA response matrices was
coded to trace process improvement across DQA sessions and
to evaluate institutional learning over time [9, 28, 29, 36].

321

To understand operational enablers and constraints, pat-
tern-tracing techniques were combined with matrix displays.
This facilitated comparison across partners and helped iden-
tify organizational drivers such as review mechanisms, un-
derstanding of indicator definitions, and responsiveness to
DQA queries. Triangulation across documentation, internal
notes, and secondary literature further validated findings [35,
38].

The analytical protocol reflected established guidance on
credible qualitative document analysis. It applied clear coding
frameworks and incorporated reflexive validation to ensure
interpretive rigor [32, 34]. Structured triangulation enhanced
analytical robustness and responded to the limitations often
associated with document-only research. These layers of
interpretation enabled institutional behaviors to emerge from
evidence patterns rather than from anecdotal narratives.

The final synthesis generated contextual inference to ex-
amine how remote verification aligned with institutional
resilience. Findings were positioned within wider debates on
adaptive MEL systems and procedural accountability in
fragile settings. The research advances methodological de-
velopment through validation of documentation-based ap-
proaches to assess MEL functionality and oversight logic
under constrained conditions.

3.4. Ethical Considerations

This research complied fully with USAID’s data security
and confidentiality standards. All program documents and
records remained protected through encryption, secure stor-
age, and restricted access. These measures safeguarded sen-
sitive information. The research relied exclusively on retro-
spective analysis of existing documentation. It did not involve
human subjects, direct interviews, or primary data collection.
Consequently, no institutional ethics review board (IRB)
approval was required. The methodology conformed to ac-
cepted standards for documentary and policy research and
maintained a low ethical risk profile throughout the process.

3.5. Limitations

This research draws exclusively on document-based evi-
dence and does not include direct stakeholder interviews or
field-level interaction. While the analysis draws from diverse
data types, this approach limits the depth of contextual insight
that first-hand accounts could provide. As Yin, triangulation
across methods enhances credibility in case study research
[24]. The absence of interview data constrains the ability to
explore perceptions, informal practices, and operational
nuances that shaped the implementation of remote DQA.

Document-based analysis also entails risks of partial re-
porting and institutional bias. As Bowen and O’Leary caution,
documents reflect specific institutional purposes and may
omit dissenting views, undocumented practices, or opera-
tional irregularities [31, 37]. Official reports often highlight
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procedural compliance and understate the challenges en-
countered during implementation. These limitations could
skew the analysis toward formalized success narratives and
reduce visibility into practical constraints faced by field staff
and partners.

Despite these constraints, the research applies structured
triangulation and rigorous comparative analysis across doc-
ument sets. Gregar and Matsiliza affirm that such approaches,
when systematically applied, can yield credible insights [38,
39]. Although missing stakeholder voices narrows interpre-
tive depth, the research design compensates with methodical

rigor and relevance to oversight systems in fragile contexts.

4. Results

The analysis draws from verified performance dimensions
and triangulated documentation to reveal patterns in partner
compliance, institutional behavior, and the robustness of the
remote verification logic (Table 4). The insights align with the
broader research aim of evaluating institutional mechanisms
that sustain data quality in fragile settings [40].

Table 4. Remote DQA Results Summary Matrix.

Dimension Observed Performance

Most partners adhered to standardized
Indicator templates and defined indicators. Some
Alignment custom indicators lacked clarity and

Source Docu-

consistent interpretation.

Traceability remained uneven. Several sub-
missions lacked full metadata or used par-

mentation . I
entatio tially digitized formats.
Moderate inconsistencies appeared across
Data Con- reporting cycles, largely due to poor version
sistency p g cycles, largely p

Responsiveness

control or misaligned reporting tools.

Most partners responded within deadlines.
Response quality ranged from comprehen-

to Queries sive with audit trails to fragmented replies
lacking supporting details.
Some institutions revised MEL workflows
Process Adap-  and adapted tools to remote verification
tation protocols. Others continued pre-pandemic
practices without adjustments.
Confidence improved when structured doc-
Verification umentation supported each indicator. Confi-
Confidence dence declined when submissions lacked

Variation Across Partners

High alignment for economic indicators.
Governance and custom indicators showed
inconsistencies in definition and
documentation.

Partners with centralized digital systems en-
sured better documentation. Others relied on
incomplete or non-digitized archives.

Stronger consistency emerged among partners
with internal data audits. Others submitted
conflicting or outdated values.

Well-prepared partners maintained clear re-
sponse logs. Less prepared organizations gave
vague or incomplete explanations.

Adaptive partners updated AMELPs and MEL
instruments. Others applied improvised fixes or
lacked process revision.

Higher confidence in organizations with strong
M&E culture. Lower where external technical
support was required to clarify submissions.

Key Evidence

PIRS, AMELPs, DQA
tools

Submission matrices,
verification logs

IPTTs, quarterly re-
ports, change logs

Clarification emails,
response trackers,
technical notes

Revised AMELPs,
internal communica-
tions

DQA ratings, partner
feedback summaries,
MEL dashboards

coherence or key attachments.

‘Observed Performance’ describes aggregate trends across
the portfolio, while ‘Variation Across Partners’ reflects dif-
ferences in institutional responses and outcomes documented
among IPs.

Most partners used USAID-approved templates and ad-
hered to standard definitions for performance indicators,
especially those related to economic growth and service
delivery. However, custom indicators, particularly in gov-
ernance-related interventions, exhibited inconsistent align-
ment. Partners demonstrated varying capacities to interpret
definitions precisely. Gaps emerged in justification for re-
ported numerators and denominators. According to Batini et
al., such variability reflects weaknesses in metadata docu-
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mentation and standardization practices, which are vital for
remote assurance [19]. The DQA teams observed that while
templates helped enforce structure, alignment success relied
heavily on the partner’s familiarity with PIRS and experience
with the USAID MEL framework.

Verification of data sources revealed mixed results. Several
partners did not establish traceable chains that linked reported
values to original documentation. Stronger performers lev-
eraged centralized, digitized archives and submitted metadata
with timestamps and cross-references. Others submitted
fragmented scanned files without proper naming conventions,
which reduced traceability. This echoes Albrecht’s findings
that data quality management in remote contexts depends on
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digital infrastructure, version control, and metadata clarity
[43]. Submission matrices and verification logs provided
evidence that standardized source documentation remains a
weak point under remote formats.

Moderate inconsistencies were detected across quarterly
reports, particularly for multi-period indicators. While some
partners employed internal review systems, others lacked
mechanisms to reconcile changes between submissions.
Discrepancies in values across reports, sometimes without
clear rationale, indicate the absence of robust quality assur-
ance protocols. Studies by Cai and Zhu [16] and Stvilia et al.
[13] emphasize that consistency is an outcome of iterative
review, version control, and structured feedback. Partners that
embedded these practices presented fewer anomalies. Change
logs and revised DQA checklists substantiated this variation
in consistency.

Nearly all partners responded to technical clarification re-
quests, though the substance and promptness varied. Some
partners replied with clear, well-referenced documentation
supported by audit trails. Others submitted incomplete re-
sponses or required multiple follow-ups. As noted by Woodall
et al., the quality of response during verification affects the
reliability of the entire data quality process [21]. Clarification
logs and internal notes revealed that structured response
systems correlated with stronger verification outcomes. This
responsiveness also affected USAID reviewers’ confidence in
the integrity of submitted data.

Several partners demonstrated institutional learning and
adaptation in response to the remote DQA format. Evidence
included updated AMEL plans, use of version control tools,
and integration of verification steps into internal reporting
cycles. Others maintained pre-COVID procedures and used
informal or ad hoc routines. Adaptive partners incorporated
feedback loops that led to improved alignment with DQA
criteria. This distinction supports the argument made by
Hernandez et al. that adaptive MEL systems build resilience
through learning [41]. Adaptations documented in revised
plans and internal memos confirmed the presence of organi-
zational divergence across partner institutions.

Verification ratings assigned by USAID teams indicated
greater confidence in partners with embedded routines,
structured submissions, and consistent documentation chains.
Those who demonstrated internal MEL protocols received
higher assessments, whereas others required remediation and
closer follow-up. This pattern aligns with Wilkin et al., who
emphasized that accountability structures reinforce trust in
remote performance assessments [42]. Internal scoring sheets
and feedback summaries showed that confidence levels
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closely tracked documentation quality and the partner’s in-
stitutional culture around verification.

The effectiveness of the remote DQA was closely tied to
the degree of collaboration between lead IPs and their
sub-implementing partners (Sub-IPs). Partners that fostered
coordinated workflows and jointly developed verification
responses demonstrated better performance across data qual-
ity dimensions. These arrangements enabled Sub-IPs, often
constrained by weaker digital infrastructure and limited
technical resources, to align documentation with USAID
standards. IPs that facilitated shared templates, co-developed
AMEL plans, and provided structured feedback mechanisms
supported better partner performance. Their submissions
showed higher consistency, improved traceability, and
stronger alignment with PIRS definitions. In these cases, the
remote DQA process functioned not as a unilateral compli-
ance exercise, but as a collaborative verification cycle sus-
tained by internal communication structures. This echoes
observations by Quinn et al. [43] and Hilty et al. [44], who
underscored that coherent internal coordination enhances the
credibility of remote monitoring systems.

In contrast, DQA processes proved less effective when
Sub-IPs operated independently or without technical rein-
forcement from lead IPs. Several Sub-1Ps submitted incom-
plete or fragmented documentation, often lacking metadata,
version control, or structured explanations of indicator logic.
Where IPs failed to institutionalize verification support,
field-level constraints remained unaddressed. These included
staff turnover, limited connectivity, and insufficient training.
These weaknesses aligned with findings from Tran et al. [45]
and Larson et al. [46], who emphasized that effective remote
engagement requires clear protocols and communicative
scaffolding to overcome geographic and systemic barriers.
Document reviews confirmed that institutional fragmentation
undermined traceability and verification confidence. These
challenges were most evident where Sub-IPs lacked familiar-
ity with DQA standards or faced last-minute compliance
pressures.

Overall, the research confirmed significant variation in
partners’ ability to maintain validity and reliability of reported
data. High performers included complete metadata, explana-
tions for numerator-denominator logic, and disaggregation.
Others showed weaknesses in traceability or provided insuf-
ficient justification for changes. These findings mirror con-
cerns raised in previous literature on remote monitoring in
fragile contexts [47, 48]. Document chains can sustain data
integrity only when partners uphold disciplined internal
practices under remote scrutiny.
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Table 5. Synthesis of remote DQA key findings and implications.

Dimension Observed Performance
Performance varied. Strong performers maintained
Data Quality metadata; others missed disaggregations and lacked

justifications.

Institutional Adapta-
tion

Stakeholder Engage-
ment

Adaptive Manage-

ment Integration
loops.

Remote vs. In-Person
Verification

Performance in institutional adaptation varied widely. Or-
ganizations that embedded DQA logic into existing work-
flows managed the transition more effectively. Others treated
the exercise as procedural compliance and produced superfi-
cial alignment without altering internal systems. Evidence
from this research supports the observation by Madon et al.
that institutionalization, rather than digital access alone,
determines success under constrained conditions [49]. Adap-
tive institutions demonstrated resilience and integrated veri-
fication within their decision-making processes.

The quality of engagement during remote consultations
depended on the clarity and structure of submitted documen-
tation. Partners who prepared comprehensive evidence facil-
itated constructive dialogue with DQA reviewers. In contrast,
vague or incomplete submissions hindered exchanges and
required repeated clarifications. These findings align with
Tran et al., who noted that effective remote engagement
hinges on preparation and shared understanding of protocols
[50].

In several cases, DQA results triggered revisions in per-
formance frameworks, data flow systems, and AMEL plans.
Partners that showed evidence of learning adjusted indicators
or enhanced data documentation systems. This supports the
argument of Scarlett and Dutra et al. that iterative monitoring
mechanisms contribute to adaptive program delivery [50, 20].
Where applied consistently, remote DQAS served as feedback
instruments that strengthened evidence-based planning.

The research found that while remote verification enabled
continuity of oversight, it could not replicate field-level con-
text and observational depth. Remote DQAs depended heav-
ily on documentation structure, which varied across partners.
The absence of direct observation created blind spots in
operational fidelity. As noted by Bastola et al. and Basha et al.,
remote assessments are feasible, but their reliability hinges on
standardized tools and institutional readiness [51, 52]. Hybrid
models may offer a more comprehensive solution in fragile

Adaptive organizations embedded DQA logic into work-
flows; others met only the minimum requirements.

Structured submissions enabled productive engagement;
unstructured documentation weakened dialogue.

DQA feedback triggered AMELP revisions and system
updates in several cases, reflecting internal learning

Remote DQAs maintained continuity but could not repli-
cate field-level insights or context-specific validation.
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Variation Across Partners

Structured chains can uphold quality if internal
practices remain disciplined under remote
conditions.

The presence of standards holds greater importance
than the mere availability of digital tools.

Clear submission protocols and early preparation
improve feedback uptake.

Iterative remote DQAs can foster adaptive man-
agement in fragile settings.

Remote verification is feasible but insufficient on
its own; hybrid models offer more robust oversight.

settings.

5. Discussion

This research examined the extent to which USAID So-
malia’s remote DQA approach preserved oversight functions
in a fragile operational context. The results highlighted insti-
tutional variation in adapting to remote verification modalities
and provided empirical insights into verification standards,
adaptive management, and stakeholder engagement. The
findings align with broader research priorities in MEL sys-
tems, particularly the capacity of development institutions to
ensure data integrity amid constraints. This discussion ex-
plores six interrelated themes derived from the results: data
credibility under remote conditions, IP-Sub-IP dynamics,
institutional readiness, stakeholder behavior, adaptive learn-
ing systems, and verification trade-offs between remote and
in-person modalities.

5.1. Credibility of Data in Remote Conditions

The challenge to preserve data quality in fragile contexts
without physical verification remains unresolved in devel-
opment programs. The results confirmed that many partners
followed indicator definitions and used USAID templates, yet
traceability gaps and inconsistent metadata undermined full
compliance. Such inconsistencies align with prior findings by
Batini et al., who emphasized that data validity depends on
both technical structure and organizational culture [19].
High-performing partners ensured alignment with PIRS and
reflected the value of standardized documentation. However,
the presence of incomplete source documentation and version
control failures mirrored challenges identified by Cai and Zhu.
They warned that decentralized reporting often erodes data
integrity when internal quality assurance systems remain
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weak [19].

The variability in partner performance suggests that even
standardized templates cannot compensate for gaps in capac-
ity or institutional discipline. Albrecht observed that tracea-
bility depends not only on technological tools but also on
embedded data governance frameworks [12]. USAID’s re-
mote approach revealed that where partners institutionalized
audit trails and systematic filing, remote verification achieved
credibility. In contrast, weaker approaches required repeated
clarification and external assistance, which echoes Herrera
and Kapur’s findings that incentives and capabilities jointly
shape data quality outcomes [53].

5.2. IP-Sub-IP Dynamics as a Strategic
Determinant

The quality of coordination between IPs and Sub-IPs
proved critical to ensuring coherence, traceability, and re-
sponsiveness within remote DQA processes. Organizations
that fostered integrated workflows, standardized reporting,
and joint review mechanisms across the IP-Sub-IP structure
were better equipped to meet verification standards. Lead
implementers who actively supported Sub-IPs with adapted
tools, aligned protocols, and shared routines saw more com-
plete and traceable submissions.

In contrast, weak performance often reflected breakdowns
between lead implementers and their Sub-IPs. Centralized
protocol enforcement without sufficient technical or proce-
dural reinforcement at the Sub-IP level resulted in fragmented
submissions. These included missing metadata and poor
alignment with PIRS definitions. Several Sub-IPs lacked the
digital readiness or institutional capacity to manage version
control, generate audit trails, or respond to verification queries
with precision. These deficiencies cannot be attributed to tool
absence alone. They signal the absence of deliberate support
structures to bridge infrastructure gaps, staff turnover, and
internal skill asymmetries.

These findings reinforce Larson et al.’s argument that in-
stitutional distance, spatial or structural, requires deliberate
frameworks for coherence and engagement [46]. The Somalia
experience affirmed that remote DQAS struggle in the absence
of such connective infrastructure. Effective IP-Sub-IP inte-
gration is not only a technical requirement but a strategic
condition for credible data oversight.

5.3. Institutional Coherence and Readiness as
Determinants of Remote DQA Performance

The findings confirmed that institutional coherence across
implementation tiers was critical to remote DQA effective-
ness. High-performing partners treated the verification pro-
cess as a shared institutional responsibility. Lead implement-
ers provided active support to Sub-IPs through joint tool
design, coordinated workflows, and consistent documentation
protocols. These arrangements enabled systematic responses

325

to DQA protocols and reinforced accountability across the
chain of implementation.

Where partners embedded shared routines and internalized
performance standards, documentation showed greater clarity,
traceability, and responsiveness. This outcome supports the
conclusions of Ba and Barclay, who emphasized that institu-
tional accountability arises from embedded systems rather
than isolated technical compliance [5, 47]. The Somalia case
further validates Woodall et al. and Wilkin et al., who
demonstrated that distributed oversight only succeeds when
engagement is structured, transparent, and underpinned by
mutual procedural literacy [21, 42].

Institutional readiness further shaped whether partners
treated DQA as a learning opportunity or a compliance exer-
cise. Adaptive organizations revised AMEL plans, updated
documentation workflows, and incorporated DQA feedback
into their performance systems. As Crowe et al. and Guba and
Lincoln highlighted, institutional learning arises when ac-
countability norms inform operational decision-making [25,
26]. Conversely, organizations that relied on ad hoc fixes or
viewed DQA as an external requirement displayed signs of
procedural stagnation. Their documentation lacked coherence,
and engagement often required multiple follow-ups. The
Somalia case functioned as a real-time institutional stress test.
The case revealed both resilience and fragility in MEL sys-
tems operating under constraint. It confirmed Ba’s view that
MEL effectiveness depends on institutional routines that
match verification procedures with internal decision-making

[5].

5.4. Stakeholder Engagement and
Communication Logic

The success of stakeholder engagement in the remote DQA
model hinged on the clarity, completeness, and structure of
documentation submissions. The findings showed that
meaningful remote exchanges were possible only when
partners prepared standardized evidence that facilitated con-
structive dialogue. Where partners submitted fragmented or
unclear files, exchanges stalled or required repeated clarifi-
cation. This aligns with the work of Wilkin et al., who showed
that effective digital engagement depends on transparency,
clarity in documentation, and shared understanding of ex-
pectations [42].

Remote environments do not allow for physical cues or
spontaneous verification, which typically mitigate ambiguity
in in-person settings. Consequently, stakeholders had to rely
entirely on the explanatory power of submitted documents. As
Barclay observed, digital accountability frameworks depend
on proactive information structures that enable mutual scru-
tiny and assurance [47]. The Somalia case confirms this
principle. Only when partners adhered to structured chains of
custody for data and metadata could reviewers trace reporting
logic, provide accurate feedback, and conduct verification
with confidence.
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Additionally, this research reinforces the conclusions of
Quinn et al., who noted that virtual stakeholder interactions
succeed when supported by standardized protocols, advance
notification, and well-curated communication tools [43]. In
the Somalia remote DQA, structured templates, predefined
PIRS, and consistent guidance documents acted as mediators
of understanding between reviewers and IPs. These instru-
ments partially compensated for the absence of field presence
and allowed a shared technical language to emerge. Larson et
al. reinforced this view and emphasized that stakeholder
engagement in remote contexts depends on structured
frameworks that reduce spatial separation and overcome
cognitive gaps [46].

Yet, the findings also revealed limitations. Several partners
lacked the digital readiness and institutional literacy to con-
struct submissions that anticipated review needs. In these
instances, DQA teams had to invest additional time in clari-

fication loops, which undermined the efficiency of the process.

This reflects challenges identified by Tran et al., who showed
that in fragile settings, disparities in digital fluency can
fragment engagement and entrench information asymmetries
[45]. The remote model places disproportionate demands on
less-prepared institutions and calls for deliberate capacity
investments to ensure equitable participation.

Overall, remote verification models must prioritize not just
the technical infrastructure for submission, but also the
communicative logic embedded in interactions. A shared
logic of engagement, sustained by standardization and trans-
parency, emerged as essential for the remote DQA's effec-
tiveness in constrained contexts.

5.5. Adaptive Management Integration and
Institutional Learning

The Somalia remote DQA experience revealed critical in-
sights into how performance verification processes can rein-
force adaptive management, especially in fragile settings.
Findings indicated that several partners responded to DQA
feedback by refining AMEL Plans, strengthening documen-
tation protocols, and adjusting indicator tracking systems.
These adaptations suggest that the DQA process did not
function as a one-time audit but as a mechanism of iterative
organizational learning. This dynamic aligns with the
framework of adaptive learning articulated by Prieto-Martin
et al., which emphasizes the feedback loop between data
systems and institutional response strategies [54].

Structured DQAs triggered reflection on internal monitor-
ing procedures and encouraged actors to identify performance
gaps. As partners received queries, responded to verification
demands, and incorporated feedback into operational systems,
they demonstrated the capacity to evolve monitoring strate-
gies without direct field engagement. These learning behav-
iors mirror the “reflexivity” component of MEL system ef-
fectiveness described by Ba, wherein institutions not only
collect data but use verification moments to reshape their
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internal logic and improve future performance [5].

Furthermore, the research observed that partners with prior
experience in iterative monitoring frameworks were more
likely to embed feedback into ongoing program adjustments.
Dutra et al. emphasize that institutional readiness and struc-
tured learning cultures increase the likelihood that organiza-
tions will use evaluative processes as inputs for reform [20].
In Somalia, those partners revised documentation formats,
improved indicator metadata, and adjusted workflows. They
used DQA not only to support accountability but also to
advance strategic refinement. In contrast, other partners
approached the process as a compliance task, offered minimal
responses, and did not revise their MEL protocols. This di-
chotomy echoes the distinction proposed by Aceves-Bueno et
al. between adaptive and static systems in fragile governance
contexts [55].

Notably, the remote format appeared to heighten the need
for such adaptations. Without site visits to identify and discuss
operational weaknesses, partners had to anticipate scrutiny
and institutionalize response mechanisms upstream. This
proactive logic is central to the success of remote assurance
processes. In such settings, verification relies less on correc-
tive action during fieldwork and more on built-in respon-
siveness to structured oversight. Kagoya and Kibuule reached
similar conclusions in their study of data assurance in Ugan-
dan health systems [56]. They observed improved perfor-
mance where institutions internalized verification procedures
rather than treated them as external impositions.

Despite these findings, the research also identifies con-
straints. Adaptive management gains were uneven and de-
pended on prior institutional strength. Organizations lacking
robust MEL culture struggled to translate DQA insights into
meaningful revisions. This gap underlines the argument
advanced by Stvilia et al., who argue that learning from as-
surance processes depends not on the availability of tools
alone, but on leadership commitment and internal data liter-
acy [13].

In sum, remote DQASs can catalyze adaptive management
when institutions possess or build the internal capability to
translate feedback into operational practice. This research
supports the emerging consensus that performance verifica-
tion and program learning are mutually reinforcing under the
right enabling conditions.

5.6. Remote Versus In-person Verification:
Potentials and Limits

The USAID Somalia remote DQA experience provided a
rare opportunity to examine how remote mechanisms perform
in the absence of traditional field-level oversight. The inves-
tigation did not merely evaluate technological feasibility. It
interrogated the capacity of digital workflows to replicate the
accountability functions typically enabled by direct field
interaction. While the evidence shows that remote DQAS
preserved structured verification logic and ensured continuity
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during a crisis, the findings reveal significant limitations
when compared to in-person approaches.

Remote DQAs succeeded in applying core principles of the
USAID ADS 201 data quality standards. Structured templates,
pre-engagement communication, and clearly defined proto-
cols established a procedural backbone. This framework
facilitated systematic document submission and review.
Similar successes are highlighted in Basha et al., who
demonstrated that remote data workflows can yield credible
outputs when managed with rigor and clarity [52]. The So-
malia experience confirmed this conclusion. Partners who
followed USAID guidelines and upheld metadata discipline
enabled reviewers to assess indicator alignment and data
traceability with confidence.

However, the absence of physical verification created blind
spots. For example, DQA teams could not validate field-level
operational realities such as data collection practices in re-
mote areas, storage conditions for source documents, or the
functionality of regional and local monitoring systems. These
contextual dimensions are routinely observed during site
visits. In remote DQAs, they were either inferred from sec-
ondary evidence or omitted. As observed by Bastola et al.,
digital methods can achieve reliability in specific areas [51].
However, they fall short in capturing environmental and
human dynamics, which often inform qualitative assessments
of data credibility.

Furthermore, the Somalia case illustrated that remote
methods depend heavily on partner capacity. Some organiza-
tions lacked internal quality assurance systems. Others misun-
derstood verification expectations. In these cases, the remote
DQA process struggled to produce reliable assessments.
Without physical proximity to guide or mentor field staff, the
process relied on the ability of IPs to self-diagnose and improve
practices. As Tran et al. argued, remote stakeholder engage-
ment presumes a level of institutional maturity that cannot
always be assumed in fragile settings [45]. Consequently,
remote verification may reproduce or even widen performance
gaps if unaccompanied by tailored support mechanisms.

There is also the challenge of verifying context-specific
assumptions embedded in indicator narratives. For example,
reported achievements in policy advocacy or community
engagement often rest on subjective interpretations of influ-
ence and reach. Partners submitted supporting documents.
However, assessors could not interview local actors or di-
rectly observe institutional dynamics. This limitation reduced
their ability to triangulate claims. Similar concerns are raised
by Roberts et al., who found that qualitative dimensions of
program performance are more difficult to assess remotely.
This is especially true where documentary evidence is sparse
or strategically curated [57].

Nevertheless, the research confirms that remote verification
can serve as a valuable interim solution in settings where
access remains restricted. When combined with structured
protocols, iterative feedback, and strong partner coordination,
it can uphold a baseline of accountability. As noted by Bar-
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clay, remote systems can generate scrutability and assurance
when embedded in transparent workflows and supported by
adaptive institutions [47]. The Somalia remote DQA illus-
trates the effectiveness of disciplined remote review. It ena-
bles the identification of data inconsistencies, prompts cor-
rective action, and preserves essential monitoring functions
under severe constraints.

Yet, this format should not be viewed as a substitute for
in-person verification in the long term. Rather, it comple-
ments it. Hybrid models that merge remote protocols with
targeted field validation represent the most promising path
forward. This layered approach aligns with the recommenda-
tions of Greenhalgh et al. They advocate for complex adaptive
systems that combine digital convenience with a grounded
understanding of context. [58].

In conclusion, the evidence shows that remote DQASs are
both technically feasible and strategically useful in crisis
settings. However, they cannot match the diagnostic depth of
on-site verification. Institutional decision-makers should treat
remote MEL methods as a complementary tool, integrated
within a flexible and context-sensitive assurance strategy.

6. Conclusions

The remote DQA conducted in Somalia confirmed its value
as a viable approach to maintain data integrity and oversight in
fragile and non-permissive settings. It enabled USAID to
maintain verification responsibilities despite travel restrictions
and field access constraints during the COVID-19 pandemic.
Structured document reviews, combined with virtual technical
exchanges, helped identify gaps, assess indicator compliance,
and uphold performance standards. As Basha et al. emphasize,
remote methods can ensure continuity and credibility when
field engagement is not feasible [52].

The DQA results underlined both the strengths and limits
of remote processes. Institutional engagement improved
where partners followed structured guidance and maintained
metadata and source traceability. However, the absence of
direct observation limited the depth of contextual validation.
Remote formats alone could not detect field-level operational
barriers or informal data-handling practices. As Woodall et
al. and Puttkammer et al. argue, remote mechanisms require
complementary systems to capture the complexity of field
realities [21, 59].

To enhance future remote DQA effectiveness, develop-
ment partners should invest in partner capacity to manage
documentation and apply verification standards. Standard
templates and digital protocols must be tailored to remote
environments. Weiskopf et al. and Kim et al. confirm that
structured digital tools and training improve consistency and
reduce error rates in remote evaluations [60, 22].

Effective coordination between IPs and Sub-IPs consti-
tutes a structural requirement for credible MEL system
performance in fragile contexts. It secures data integrity,
enables consistent application of verification standards, and
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reinforces oversight across implementation tiers. Institu-
tions that embedded this alignment demonstrated stronger
compliance and resilience. Donors and program leaders
must prioritize formal mechanisms that define roles, estab-
lish accountability pathways, and ensure vertical coherence.
Such integration allows remote verification models to func-
tion reliably amid institutional constraints and operational
uncertainty.

The Somalia case demonstrates that successful remote
DQAs depend not only on technical standardization but also

on the institutional relationships that mediate implementation.

Lead partners must structure meaningful collaboration with
Sub-IPs to align workflows, co-develop verification logic,
and embed mutual accountability. As Tran et al. and Quinn
et al. highlighted, equitable participation under remote over-
sight models requires investments in communication infra-
structure and stakeholder coordination [45, 43]. Development
agencies should adopt hybrid MEL frameworks that integrate
technical protocols with robust intra-organizational support
systems. This dual emphasis ensures that local actors remain
fully engaged in the transition to digital verification.

Hybrid DQA models provide a strategic opportunity to
balance cost-effectiveness and contextual rigor. Targeted
field visits, aligned with remote data reviews, can verify
assumptions, identify systemic risks, and build institutional
trust. Zuniga-Teran et al. note that combining remote and
in-person tools improves both engagement and learning [61].
In contexts like Somalia, hybrid models can reinforce credi-
bility without undermining safety or efficiency.

Development organizations should establish remote and
hybrid DQAs as standard modalities in fragile and high-risk
contexts. This requires formalization of digital protocols, en-
hancement of partner-facing infrastructure, and creation of
feedback loops that reinforce accountability and institutional
learning. Agencies should position these models as core pillars
of MEL system resilience. They should embed these models
within routine oversight frameworks and treat them as perma-
nent institutional mechanisms, not as temporary responses.

Future studies should conduct comparative analyses of hy-
brid verification models, participatory approaches, and
cost-effectiveness dimensions of remote systems. These re-
search avenues would deepen understanding of how MEL
systems withstand operational stress while maintaining data
integrity and stakeholder trust. Such evidence can guide the
design of verification systems that balance flexibility, rigor,
and contextual responsiveness. This balance is essential to
ensure effectiveness in demanding operational environments.

Abbreviations

DQA Data Quality Assessment

ADS Automated Directives System

AMEL  Activity Monitoring Evaluation and Learning
IPs Implementing Partners

IPTT Indicator Performance Tracking Table
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Sub-IPs  Sub Implementing Partners
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